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OBSERVED VARIABLES
N1 N2 N3 N4 EX1 EX2 EX3 EX4
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0.731 0.709 1.000
0.778 0.738 0.762 1.000
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5.7566.4576.06.25.75.6
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TITLE

two factor model of neuroticism and extraversion
/SPECIFICATIONS

CASES=250;
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Goodness of Fit Statistics

Degrees of Freedom = 19
Minimum Fit Function Chi-Square = 13.2318 (P = 0.8265)
Normal Theory Weighted Least Squares Chi-Square = 12.6610 (P = 0.8555)
Estimated Non-centrality Parameter (NCP) = 0.0
90 Percent Confidence Interval for NCP = (0.0 ; 4.5222)

Minimum Fit Function Value = 0.05314
Population Discrepancy Function Value (F0) = 0.0
90 Percent Confidence Interval for FO = (0.0 ; 0.01816)
Root Mean Square Error of Approximation (RMSEA) = 0.0
90 Percent Confidence Interval for RMSEA = (0.0 ; 0.03092)
P-Value for Test of Close Fit (RMSEA < 0.05) = 0.9924

Expected Cross-Validation Index (ECVI) = 0.2129
90 Percent Confidence Interval for ECVI = (0.2129 ; 0.2310)
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ECVI for Saturated Model = 0.2892
ECVI for Independence Model = 7.0768

Chi-Square for Independence Model with 28 Degrees of Freedom = 1746.1242
Independence AIC = 1762.1242
Model AIC = 46.6610
Saturated AIC = 72.0000
Independence CAIC = 1798.2959
Model CAIC = 123.5259
Saturated CAIC = 234.7726

Normed Fit Index (NFI) = 0.9924
Non-Normed Fit Index (NNFI) = 1.0049
Parsimony Normed Fit Index (PNFI) = 0.6734
Comparative Fit Index (CFI) = 1.0000
Incremental Fit Index (IFI) = 1.0033
Relative Fit Index (RFI) = 0.9888

Critical N (CN) = 682.0501

Root Mean Square Residual (RMR) = 0.6947
Standardized RMR = 0.01944
Goodness of Fit Index (GFI) = 0.9874
Adjusted Goodness of Fit Index (AGFI) = 0.9762
Parsimony Goodness of Fit Index (PGFI) = 0.5212
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Sample Variance-covariance Matrix(S)

N1 N2 N3 N4 EX1 EX2 EX3 EX4
N1  32.4900
N2  24.4826 31.3600
N3  26.6669 25.4106 40.9600
N4 25.2772 23.5570 27.7978 32.4900
EX1 -12.0042 -10.1472 -13.6704 -10.8756 36.0000
EX2 -11.1674 -9.7216 -11.9040 -9.4358 25.1100 38.4400
EX3 -9.6170 -9.2249 -10.8346 -9.6170 21.6828 23.0063 32.4900
EX4 -9.0014 -7.9654 -10.4653 -7.8204 17.9424 20.5890 18.0667 31.3600
Model-based variance-covariance matrix () or fitted or predicted matrix
(< 4 aa) ad giall i (a siball £ gail) o Aailll) il g cplal) 48 ghiaa
N1 N2 N3 N4 EX1 EX2 EX3 EX4
N1 32.4900

N2 23.9650 31.3600

N3 27.2314 25.6558 40.9600

N4  25.3548 23.8878 27.1437 32.4900

EX1-10.5542 -9.9436 -11.2988 -10.5202 36.0000

EX2-11.3400 -10.6839 -12.1401 -11.3035 24.8700 38.4400

EX3 -9.8715 -9.3003-10.5680 -9.8397 21.6493 23.2613 32.4900

EX4 -8.5876 -8.0907 -9.1934 -8.5599 18.8335 20.2358 17.6153 31.3600
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Fitted Residual Matrix or The Unstandardized Residual Matrix

N1 N2 N3 N4 EX1 EX2 EX3 EX4
N1 0.0000
N2 0.5177 0.0000
N3  -0.5645 -0.2452 0.0000
N4  -0.0776 -0.3309 0.6541 0.0000
EX1 -1.4500 -0.2036 -2.3716 -0.3554 0.0000
EX2 0.1726 0.9623 0.2361 1.8678 0.2400 0.0000
EX3 0.2545 0.0755 -0.2666 0.2227 0.0335 -0.2550 0.0000
EX4 -0.4139 0.1253 -1.2718 0.7395 -0.8911 0.3531 0.4515 0.0000

Standardized Residuals Matrix

(2 48 giuan) 4y jlmall B gull i) g cplil) 4d ghiaa
N1 N2 N3 N4 EX1 EX2 EX3 EX4

N1 --

N2 17927 --

N3 -1.6542 -0.5570 --

N4 -0.3476 -1.1170 1.8689 --

EX1 -1.2191 -0.1624 -1.6409 -0.2970 --

EX2 0.1515 0.7896 0.1678 1.6279 0.6530 --

EX3 0.2194 0.0620 -0.1901 0.1909 0.0754 -0.6788 --

EX4 -0.3126 0.0923 -0.8157 0.5566 -1.4052 0.6405 0.7080 - -
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Modification Indices for LAMBDA-X

duliaxll ddaliay)
NEROTICI EXTRAVER
N1 - 0.2723
N2 - 0.1424
N3 -- 0.9001
N4 -- 1.0623
EX1 1.3228 --
EX2 1.1167 --
EX3 0.0143 --
EX4 0.0125 --

Expected Change for LAMBDA-X
4 laall e cladil) 43 ghuaal 4ad gial) i) o
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N1
N2
N3
N4
EX1
EX2
EX3
EX4

N1
N2
N3
N4
EX1
EX2
EX3
EX4

NEROTICI EXTRAVER

-- -0.0268
-- 0.0203
-- -0.0590
-- 0.0532
-0.0731 --
0.0679 --
0.0073 --
-0.0072 --

Completely Standardized Expected Change for LAMBDA-X
4 Jlaall Cilapdiil) 48 ghunal Aad giall i) b

NEROTICI EXTRAVER

-- -0.0226
-- 0.0175
-- -0.0443
-- 0.0449
-0.0614 --
0.0552 --
0.0065 --
-0.0065 --

ddial) @l pigal) pUady ulal) 48 ghuaal Jusadl) < yiga
Modification Indices for THETA-DELTA
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N1 N2 N3 N4 EX1 EX2 EX3 EX4
N1 --
N2 3.2137 --
N3 27363 03102 --
N4 01208 1.2477 [3.4929  --
EX1 0.2541 0.6555 1.0965 0.0000 --
EX2 04976 0.0043 0.1069 1.2708 0.4264 --
EX3 09158 0.2208 0.2526 0.8349 0.0057 0.4608 - -
EX4 0.0162 0.0021 0.5849 0.4783 1.9747 0.4102 0.5013 --

N1
N2
N3
N4
EX1
EX2
EX3
EX4

Expected Change for THETA-DELTA
4 bl e Aulial) @l piipal) pUaAY pulasl) 4 ghunal dad gial) yacl) o

N1 N2

15443  --

-1.6213 -0.5268
-0.3182 -0.9597
-0.4061 0.6914
-0.5657 -0.0559
0.7433 -0.3869
-0.1072  0.0409

N3

1.8275
-1.0320
0.3207
0.4776
-0.7884

N4 EX1

-0.0050 --

0.9095 1.0749
-0.7140 0.1072
0.5861 -1.8343

EX2 EXS EX4

-1.0413 --
0.8767 0.8753 --

4 Jlnal) dclBal) cl pdigall sUaAY lail) 48 ghunal 4ad giall il ad
Completely Standardized Expected Change for THETA-DELTA

N1 N2

N3

N4 EX1

EX2 EX3 EX4

-\l -




N1 --

N2 0.0484 --

N3 -0.0444 -0.0147 --

N4 -0.0098 -0.0301 0.0501 --

EX1 -0.0119 0.0206 -0.0269 -0.0001 --

EX2 -0.0160 -0.0016 0.0081 0.0257 0.0289 --

EX3 0.0229 -0.0121 0.0131 -0.0220 0.0031 -0.0295 --

EX4 -0.0034 0.0013 -0.0220 0.0184 -0.0546 0.0252 0.0274 --

Maximum Modification Index is 3.49 for Element ( 4, 3) of THETA-DELTA
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(\QM)M*M\J@@\MM
Sample Variance-covariance Matrix(S)

X1 X2 X3 X4 X5 X6
X1 4.2436
X2 09394 23104
X3 09057 0.7617 3.6864
X4 11938 08701 1.1614 1.9881
X5 06130 0.6627 0.7241 1.1733 2.9929
X6 0.7803 0.7210 0.9074 1.4450 1.4821 3.1329
X7 1.0259 0.8099 1.1522 19064 18351 2.1684
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X8 0.8651 0.7936 0.8063 1.7444 18182 2.2018
X9 0.7398 0.5947 05557 0.7029 0.5656  0.6214
X10 0.4831 0.2633 0.2050 0.5503 0.4027 0.5823
X11 0.8471 05117 0.7796 0.5834 0.1956 0.5641
X12 0.4767 0.3558 0.5158 0.7426 0.3543 0.8334

X7 X8 X9 X10 X11 X12
X7  6.2001
X8 29505 5.1529
X9 0.7207 0.9186 7.1824
X10 0.4575 0.6753 2.1011 3.0625
X11 0.4224 0.3559 2.5484 15741 6.6049
X12 0.8478 0.6763 25379 1.6711 3.4660 7.0756

(4 shan) adgiall gl L siiall 73 galll o Aailll) i) g o) 48 ghiaa
Model-based variance-covariance matrix (Z)

or fitted or predicted matrix

X1 X2 X3 X4 X5 X6
X1  4.2436
X2 0.5889 23104
X3 07704 0.5738 3.6864
X4 11951 0.8902 1.1645 1.9881
X5 07780 05796 0.7581 1.1761 2.9929
X6 09400 0.7002 0.9159 14209 14500 3.1329
X7 12201 09089 11888 18443 1.8821 2.2739
X8 11748 0.8751 1.1447 17758 1.8122 2.1895

= YAA -




X9 04618 0.3440 04500 0.6981 0.4730 0.5715
X10 0.2993 0.2229 0.2916 0.4524 0.3065 0.3703
X11 0.4861 0.3621 0.4736 0.7348 0.4979 0.6015
X12 0.5065 0.3773 0.4935 0.7656 0.5188 0.6268

X7 X8 X9 X10 X11 X12
X7  6.2001
X8  2.8419 5.1529
X9 07418 0.7143 7.1824
X10 0.4807 0.4628 1.6866 3.0625
X11 0.7808 0.7518 2.7395 1.7752  6.6049
X12 0.8136 0.7834 2.8546 1.8497 3.0044 7.0756

Fitted Residual Matrix or The Unstandardized Residual Matrix
(Ala) &l pdigall Gald Baa g Jlanianl) 4y jlnall e ) gall julasl) 5 cplil) 48 ghiaa
z 48 giuaa)

X1 X2 X3 X4 X5 X6
X1  0.0000
X2 03504 0.0000
X3 0.1354 0.1879  0.0000
X4 -0.0013 -0.0201 -0.0031  0.0000
X5 -0.1651 0.0831 -0.0340 -0.0027  0.0000
X6 -0.1597 0.0208 -0.0086  0.0241 0.0320 0.0000
X7 -0.1942 -0.0989 -0.0366  0.0621 -0.0470 -0.1055
X8 -0.3097 -0.0815 -0.3384 -0.0315 0.0060 0.0123
X9 02779 0.2507 0.1057 0.0047 0.0926 0.0499
X10 0.1838 0.0404 -0.0866  0.0979 0.0961 0.2120
X11 0.3610 0.1496  0.3060 -0.1513 -0.3022 -0.0375

- YAQ -




X12 -0.0298 -0.0215  0.0223 -0.0230 -0.1644 0.2066

X7 X8 X9 X10 X11 X12
X7 0.0000
X8 0.1086 0.0000
X9 -0.0211 0.2043  0.0000
X10 -0.0231 0.2125 0.4145 0.0000
X11 -0.3584 -0.3959 -0.1911 -0.2010 0.0000
X12 0.0342 -0.1071 -0.3167 -0.1785 0.4615 0.0000

Summary Statistics for Fitted Residuals 4 bmall & B gall dad Sl g jiual
Smallest Fitted Residual = -0.3959
Median Fitted Residual = 0.0000
0.4615

Largest Fitted Residual

bl (B gall il g ) 48 ghiaa
(2 4 shaq)

Standardized Residuals Matrix

X1 X2 X3 X4 X5 X6
X1 --
X2 3.2060 --
X3 09919 18710 --

X4 -0.1247 |2.6014] -0.3269  --

X5 -1.3804 09445 -0.3090 -0.0685 --
X6 -1.4664 0.2597 -0.0858 0.8196 0.6073 --
X7 -1.1887 -0.8230 -0.2444 1.2334 -0.5398 -1.5884

X8 -2.1676] -0.7760 [-2.5849] -0.7758 0.0841 0.2292

X9 12238 14981 05026 0.0429 0.5292 0.3010

~ 4. -




X10 1.2379  0.3694 -0.6299 1.3434 0.8391  1.9508
X11 1.6840 0.9476 15433 -1.6055 -1.8698 -0.2504
X12 -0.1344 -0.1317 0.1089 -0.2382 -0.9859 1.3402

X7 X8 X9 X10 X11 X12
X7 --

X8  1.1949 --
X9 -0.0868  0.9475 --

X10 -0.1453  1.5030 4.4504 --

X11 -1.6113 +2.0234 -1.7036 -2.7049  --

____________________________

X12 01493 -0.5312 -2.7714 23581 [5.1859  --

4 bl Aok pal) 31 gl jgdas (adla

Summary for largest standardized Residuals

Largest Negative Standardized Residuals
Residual for ~ X4and X2 -2.6014
Residual for ~ X8and X3 -2.5849
Residual for X1land X10 -2.7049
Residual for X12and X9 -2.7714

Largest Positive Standardized Residuals
Residual for ~ X2and X1 3.2060
Residual for  X10and X9 4.4504
Residual for  X12and X11 5.1859

-4 -




Modification Indices (Julasieted| wal| yuied u biuile
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Goodness of Fit Statistics

Degrees of Freedom =51
Minimum Fit Function Chi-Square = 86.6054 (P = 0.001371)
Normal Theory Weighted Least Squares Chi-Square = 92.3059 (P = 0.0003541)
Estimated Non-centrality Parameter (NCP) = 41.3059
90 Percent Confidence Interval for NCP = (18.2557 ; 72.1910)

Minimum Fit Function Value = 0.1736
Population Discrepancy Function Value (FO) = 0.08278
90 Percent Confidence Interval for FO = (0.03658 ; 0.1447)
Root Mean Square Error of Approximation (RMSEA) = 0.04029
90 Percent Confidence Interval for RMSEA = (0.02678 ; 0.05326)
P-Value for Test of Close Fit (RMSEA < 0.05) = 0.8863

Expected Cross-Validation Index (ECVI) = 0.2932
90 Percent Confidence Interval for ECVI = (0.2470 ; 0.3551)
ECVI for Saturated Model = 0.3126
ECVI for Independence Model = 5.5235

Chi-Square for Independence Model with 66 Degrees of Freedom = 2732.2510

— Ay -




Independence AIC = 2756.2510
Model AIC = 146.3059
Saturated AIC = 156.0000

Independence CAIC = 2818.8263
Model CAIC = 287.1004
Saturated CAIC = 562.7394

Normed Fit Index (NFI) = 0.9683
Non-Normed Fit Index (NNFI) = 0.9827
Parsimony Normed Fit Index (PNFI) = 0.7482

Comparative Fit Index (CFI) = 0.9866
Incremental Fit Index (IFI) = 0.9867
Relative Fit Index (RFI) =0.9590

Critical N (CN) = 446.9084

Root Mean Square Residual (RMR) = 0.1687
Standardized RMR = 0.03694

Goodness of Fit Index (GFI) = 0.9701
Adjusted Goodness of Fit Index (AGFI) = 0.9543
Parsimony Goodness of Fit Index (PGFI) = 0.6343

slidle () pololl Wby aillal) olisge 0obos A OF it Wl e
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Comparative / incremental Fit Indices
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Expected Change for LAMBDA-X

Coping Social Enhance

X1 -- -0.5203 0.0926
X2 -- -0.0333 0.0453
X3 -- -0.2668 0.0377
X4 -- 13001 -0.1039
X5 -0.0299 -- -0.0390
X6 01267 -- 0.0776
X7 02201 -- -0.0519
X8 -0.3234 -- -0.0193

X9 0.0441 0.0669 --

X10 0.1287 0.1277 --
X11 -0.1814 -0.2292 --
X12 -0.0274 0.0037 --

Oladal) ddgdand dyylacd! dad godl Ol padl

Completely Standardized Expected Change for LAMBDA-X

Coping Social Enhance

X1 -- -0.2767 0.0725
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X2 --  -0.0240 0.0481

X3 -- -0.1522 0.0317
X4 -- 10101 -0.1189
X5 -0.0153 -- -0.0363
X6 0.0637 --  0.0707
X7 0.0786 -- -0.0336
X8 -0.1267 -- -0.0137

X9 0.0146 0.0273 --
X10 0.0654 0.0799 --
X11 -0.0628 -0.0977 --
X12 -0.0092 0.0015 --

(A Aslall Oty gl sl lad) bgdaal Jyded! Ol go

Modification Indices for THETA-DELTA

X1 X2 X3 X4 X5 X6
X1 --
X2 10.2784 --
X3 0.9838 3.5008 --
X4 0.0156 6.7664 0.1070 --
X5 04509 1.4463 0.0243 0.0630 --
X6 04835 0.1020 0.2106 0.0514 0.3688 --
X7 02889 1.1418 0.0092 21094 0.2914 25231
X8 15320 0.3652 5.2701 0.2080 0.0071 0.0525
X9 04674 18736 0.0305 0.8856 0.8206 1.0539
X10 0.0668 0.4330 3.5380 1.0605 0.3384 0.5972
X11 4.0221 15955 59547 2.6320 1.1235 0.2476
X12 15010 0.7245 0.0548 0.1688 1.1412 1.6639

X7 X8 X9 X10 X1l  X12
X7 --
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X8  1.4278 --

X9 0.0319 1.6182 --

X10 15176 1.3086 19.8062 --

X11 0.2622 21395 2.9022 7.3165 --

X12 0.6360 0.5896 7.6807 5.5608 [26.8935 --

(N iy ylaadl b Awliall Ol pbelt slasY pdt Aghuacd  dadgrall Ol )

Expected Change for THETA-DELTA

X1 X2 X3 X4 X5 X6
X1 --

X2 0.3799 --

X3 0.1476 0.2052 - -

X4 -0.0148 -0.2294 -0.0372  --

X5 -0.0805 0.1061 0.0172 -0.0159 --

X6 -0.0780 0.0264 0.0477 0.0146 0.0571 --
X7 -0.0889 -0.1302 0.0146 0.1308 -0.0724 -0.2150
X8 -0.1809 -0.0651 -0.3103 0.0374 0.0102 0.0286
X9 0.1333 0.1965 0.0314 -0.0914 0.1335 -0.1408
X10 0.0330 -0.0618 -0.2215 0.0654 0.0561 0.0693
X11 0.3644 0.1690 0.4093 -0.1489 -0.1458 0.0637

X12 -0.2299 -0.1176 -0.0406 0.0390 -0.1517 0.1707

X7 X8 X9 X10 X11 X12

X8  0.2068 --
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X9
X10
X11
X12

X1
X2
X3
X4
X5
X6
X7
X8
X9

X10

X11

X12

X7

X8

X9
X10
X11
X12

-0.0363  0.2276 --

-0.1636 0.1339 0.8637 --

-0.0970 -0.2444 -0.5186 -0.5346 --

0.1560 -0.1325 -0.8780 -0.4850 1.7145 --

() dgylaed) Auliadl Ol i ol sllas Y i) dbgdaed b gnall ) il

Completely Standardized Expected Change for THETA-DELTA

X1 X2 X3 X4 X5 X6
0.1213 --
0.0373 0.0703 - -
-0.0051 -0.1070 -0.0137 --
-0.0226  0.0404 0.0052 -0.0065 --
-0.0214 0.0098 0.0140 0.0058 0.0187 --
-0.0173 -0.0344 0.0031 0.0373 -0.0168 -0.0488
-0.0387 -0.0189 -0.0712 0.0117 0.0026 0.0071
0.0241 0.0482 0.0061 -0.0242 0.0288 -0.0297
0.0091 -0.0232 -0.0659 0.0265 0.0185 0.0224
0.0688 0.0433 0.0829 -0.0411 -0.0328 0.0140
-0.0420 -0.0291 -0.0079 0.0104 -0.0330 0.0363

X7 X8 X9 X10 X11 X12
0.0366 --
-0.0054 0.0374 --
-0.0375 0.0337 0.1842 --
-0.0152 -0.0419 -0.0753 -0.1189 --
0.0236 -0.0219 -0.1232 -0.1042 0.2508 --
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Maximum Modification Index is 26.89 for Element (12,11) of THETA-DELTA
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Goodness of Fit Statistics

Degrees of Freedom = 50
Minimum Fit Function Chi-Square = 61.5351 (P = 0.1270)
Normal Theory Weighted Least Squares Chi-Square = 65.6913 (P = 0.06747)
Estimated Non-centrality Parameter (NCP) = 15.6913
90 Percent Confidence Interval for NCP = (0.0 ; 40.8065)

Minimum Fit Function Value = 0.1233
Population Discrepancy Function Value (F0) = 0.03145
90 Percent Confidence Interval for FO = (0.0 ; 0.08178)
Root Mean Square Error of Approximation (RMSEA) = 0.02508
90 Percent Confidence Interval for RMSEA = (0.0 ; 0.04044)
P-Value for Test of Close Fit (RMSEA < 0.05) = 0.9978

Expected Cross-Validation Index (ECVI) = 0.2439
90 Percent Confidence Interval for ECVI = (0.2124 ; 0.2942)
ECVI for Saturated Model = 0.3126
ECVI for Independence Model = 5.5235

Chi-Square for Independence Model with 66 Degrees of Freedom = 2732.2510
Independence AIC = 2756.2510
Model AIC = 121.6913
Saturated AIC = 156.0000
Independence CAIC = 2818.8263
Model CAIC = 267.7003
Saturated CAIC = 562.7394
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Normed Fit Index (NFI) = 0.9775
Non-Normed Fit Index (NNFI) = 0.9943
Parsimony Normed Fit Index (PNFI) = 0.7405

Comparative Fit Index (CFI) = 0.9957
Incremental Fit Index (IFI) = 0.9957
Relative Fit Index (RFI) =0.9703

Critical N (CN) = 618.5766

Root Mean Square Residual (RMR) = 0.1384
Standardized RMR = 0.03186
Goodness of Fit Index (GFI) =0.9785
Adjusted Goodness of Fit Index (AGFI) = 0.9665
Parsimony Goodness of Fit Index (PGFI) = 0.6273
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Standardized Residuals Matrix

X1 X2 X3 X4 X5 X6
X1 --

X2 3.2060 --
X3 0.9919 1.8710 --

X4 -0.1247 |-2.6014] -0.3269 --

______________

X5 -1.3804 0.9445 -0.3090 -0.0685 --
X6 -1.4664 0.2597 -0.0858 0.8196 0.6073 --
X7 -1.1887 -0.8230 -0.2444 1.2334 -0.5398 -1.5884

X8 -2.1676/ -0.7760 -2.5849 -0.7758 0.0841 0.2292

X9 12238 14981 0.5026 0.0429 0.5292 0.3010
X10 1.2379 0.3694 -0.6299 1.3434 0.8391 1.9508
X11 1.6840 0.9476 15433 -1.6055 -1.8698 -0.2504
X12 -0.1344 -0.1317 0.1089 -0.2382 -0.9859 1.3402

X7 X8 X9 X10 X11 X12

- Y\l -



X7 --

X8  1.1949 --

X9 -0.0868 0.9475 --

X10 -0.1453 15030 #4.4504 --

——————————————

X11 -1.6113 2.0234 -1.7036 [2.7049 --

X12 0.1493 -0.5312 |[2.7714] -2.3581] [5.1859 --

Summary for largest standardized Residuals dlael! dadiedl Blgd! sglay asils

Largest Negative Standardized Residuals sl &L &)Lt S

Residual for ~ X4and X2 -2.6014
Residual for ~ X8and X3 -2.5849
Residual for  X1land X10 -2.7049
Residual for  X12and X9 -2.7714

Largest Positive Standardized Residuals Lka! derged! dylmol! g\,,h

Residual for X2 and X1 3.2060
Residual for ~ X10 and X9 4.4504
Residual for X12and X11 5.1859

JoY okt sy dgjlnodt Bloll pladly ool BB gdas

Standardized Residuals Matrix

X1 X2 X3 X4 X5 X6

X2 3.2206 --
X3 1.0108 1.8927 --

--------------

X4 -0.1670 12,6535 -0.2617  --
X5 -1.3633 09639 -0.2856 -0.0843 - -
X6 -14427 02874 -0.0540 07990 0.6049  --

X7 -1.1638 -0.7930 -0.2122 1.2378 -0.5286 -1.5655
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X8 -2.1492 -0.7526 |2.5561 -0.8188 0.0696 0.2096
X9 09437 12238 0.1901 -1.1438 -0.0305 -0.4542
X10 0.9353 0.0403 -1.0024 03919 0.2672 1.3388
X11 1.9870 12734 1.8663 -0.3451 -1.4342 0.1908

X12 0.2135 0.2213 0.4700 0.8117 -0.5994 1.6408

X7 X8 X9 X10 X111  X12
X7 --

X8 11971 --

X9 -0.7728 0.2883 - -

X10 -0.8794 0.8630 0.3557 --

X11 -1.1247 -1.4587 0.8563 -0.6444  --
X12 0.5130 -0.0864 -0.3355 -0.2224 @ -- - -

dyylonal) dndipall Bgd) gl asls Summary for largest standardized Residuals

Largest Negative Standardized Residuals bkt &Lt dyslaalt 3151
Residual for X4 and X2 -2.6535

Largest Positive Standardized Residuals \ka! &ergelt dyylmadt 3150
Residual for ~ X2and X1 3.2206
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Modification Indices for LAMBDA-X

Coping Social Enhance

X1l --  [6.6302] 1.8924
X2 --  0.0299 0.8947
X3 -- 19206 0.0223
X4 -- [18.0380 2.1612
X5 0.0263 -- 0.1898
X6 04425 --  1.3690
X7 08072 -- 10620
X8 19431 -- 0.0130
X9 0.7610 0.3531 --
X10 0.1849 05322 --
X11 0.1637 15348 --
X12 0.7674 1.1650 --

(Al dwliod) O piselt slasY ) 83 gheand Judad) O g

Modification Indices for THETA-DELTA

X1 X2 X3 X4 X5 X6
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X1 --

X2 10.3720  --

X3 1.0217 3.5823 --

X4 0.0279 7.0412 0.0685 --

X5 04495 14520 0.0276 0.1002 --

X6 04694 0.1109 0.2334 0.0806 0.3659 --
X7 02833 11199 0.0126 2.2183 0.2794 2.4508
X8 15325 0.3617 5.2091 0.1387 0.0048 0.0440
X9 05009 21835 0.2684 25901 0.4506 1.2846
X10 0.0448 0.7022 3.3858 0.4871 0.0970 0.8268
X11 49818 20621 5.9196 1.3683 0.7218 0.1242
X12 19348 0.8740 0.3195 1.1429 0.7374 1.5265

X7 X8 X9 X10 X11 X12
X7 --

X8 1.4331 --
X9 0.0100 0.9280 @ --
X10 1.7116 0.6829 0.1265 --
X11 0.4056 15816 0.6677 0.2427 - -
X12 0.6840 0.2323 0.2600 0.0004  -- --

Maximum Modification Index is 18.04 for Element ( 4, 2) of LAMBDA-X
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Goodness of Fit Statistics

Degrees of Freedom = 49
Minimum Fit Function Chi-Square = 44.8654 (P = 0.6414)
Normal Theory Weighted Least Squares Chi-Square = 44.7850 (P = 0.6446)
Estimated Non-centrality Parameter (NCP) = 0.0
90 Percent Confidence Interval for NCP = (0.0 ; 15.0279)

Minimum Fit Function Value = 0.08991
Population Discrepancy Function Value (F0) = 0.0
90 Percent Confidence Interval for FO = (0.0 ; 0.03012)
Root Mean Square Error of Approximation (RMSEA) = 0.0
90 Percent Confidence Interval for RMSEA = (0.0 ; 0.02479)
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P-Value for Test of Close Fit (RMSEA < 0.05) = 1.00

Expected Cross-Validation Index (ECVI) = 0.2144
90 Percent Confidence Interval for ECVI = (0.2144 ; 0.2445)
ECVI for Saturated Model = 0.3126
ECVI for Independence Model = 5.5235

Chi-Square for Independence Model with 66 Degrees of Freedom = 2732.2510
Independence AIC = 2756.2510
Model AIC = 102.7850
Saturated AIC = 156.0000

Independence CAIC = 2818.8263
Model CAIC = 254.0087
Saturated CAIC =562.7394

Normed Fit Index (NFI) = 0.9836
Non-Normed Fit Index (NNFI) = 1.0021
Parsimony Normed Fit Index (PNFI) = 0.7302

Comparative Fit Index (CFI) = 1.0000
Incremental Fit Index (IFI) = 1.0015
Relative Fit Index (RFI) = 0.9779

Critical N (CN) = 834.2677

Root Mean Square Residual (RMR) = 0.1107
Standardized RMR = 0.02488
Goodness of Fit Index (GFI) = 0.9853
Adjusted Goodness of Fit Index (AGFI) = 0.9765
Parsimony Goodness of Fit Index (PGFI) = 0.6189
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Standardized Residuals Matrix (2" Modification)

X1 X2 X3 X4 X5 X6
X1 --
X2 1.4049 --
X3 -1.3973 -0.1562 --
X4 -04234 -1.1728 1.7324 --
X5 -0.7637 1.5708 0.5788 -0.2266 --
X6 -0.6561 1.1048 1.0803 0.5605 0.7045 --
X7 -0.5033 -0.0869 0.7571 0.9742 -0.5003 -1.5271
X8 -1.4271 0.0099 -1.4378 -1.2853 0.0508 0.1631
X9 03431 0.6634 -0.3719 -1.0353 -0.0087 -0.4248
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X10 0.3690 -0.5930 -1.6243 0.4830 0.3275 1.3992
X11 15751 0.8287 1.5212 -0.3435 -1.4289 0.1946
X12 -0.2841 -0.2650 0.0701 0.8327 -0.5665 1.6693

X7 X8 X9 X10 X11 X12
X7 --

X8 1.0856 --

X9 -0.7580 0.2935 --

X10 -0.8103 0.9117 0.5520 --

X11 -1.1289 -1.4710 0.5280 -0.6716 --

X12 0.5371 -0.0644 -0.4150 0.0075 -- --
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Summary for large standardized Residuals

Absence of negative nor positive Standardized Residuals
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Correlation Matrik

Question 01 Question 02 Question 03 Question 04 Question 05
Comelation Question_01 1.000 -.099- -.237- A3 A0z
Question_0Z -.099- 1.000 218 -112- - 118
Question_0% - 337 3k 1.000 -.380- -.210-
Question_04 36 S 112 -.280- 1.000 401
Question_05 i - 18- -.210- A 1.000
Question_0F 27 -074 -237- a7 it
Question_07 205 -.150- -.2e1- 4040 sty
Question_0% an -.0&0- -.360- 340 36
Question_09 -.09z- 8 00 - 135 - D9E-
Question_10 214 -.Da4 -.193- 6 it
Question_11 3407 - 144 351 369 293
Question_12 245 - 195 -.H0- EEY, 347
Question_13 356 - 143 218 244 02
Question_14 ot - 164- -a71- 461 8
Question_15 246 - 165- -a12- a4 261
Question_16 409 - 168- -.19- AHE 395
Question_17 am -.0g7- -.237- 383 o
Question_13 347 164 - 375 a2 i
Question_19 -.18m- 203 a4z -.186- - 165-
Question_20 214 -202- -336- 243 200
Question_21 am - 205 - H7- A0 et
Question_27 - 104 a 204 -.09g- - 133
Question_23 -.o04 100 RE -034 - 043
Sig. (1tailed)  Cuestion_01 .ooo .ooo .ooo .ooo
Question_07 oo oo oo oon
Question_073 oo .oon oo oon
Question_04 oo .oon oo oon
Question_05 oo .ooo .ooo oo
Question_06 oo oo o0 oo oo
Question_07 oo .oon oo oo oon
Question_0% oo il oo oo oon
Question_09 oo 000 .ooo oo .ooo
Question_10 oo .oon oo oo oon
Question_11 oo .oon oo oo oon
Question_12 oo .oon oo oo oon
Question_13 oo oo oo oo oo
Question_14 oo .oon oo oo oon
Question_1%5 oo .oon oo oo oon
L Bysstion 16 Juli]1] il 0ng i1 o0
+*"" 3 Determinant = .001 T e
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KMO and Bartlett's Test

Kaiser-Meyer-Olkin Measure of 930
Sampling Adequacy.

Bartlett's Approx. Chi-Square 19334.492

Test of df 253

Sphericity Sig. .000

Kaiser- L) O;ﬁi of ez sl Cg\)\ boall Gid de dylee Lisy

Of yom Jp8| 58 K& Wy vy00 oo el @gaall 03150 Mayer-Olkin (KMO)
o oS (&) )y cmediocre LY v Ao e oo & el e o3
rlly ¢Great o 34 2 ] A o =l &) edlly tGood Bde A ) LY

Bt piaiy +, AT (Soled KMO dagd OF £ ¢ [superb antly of 3ae +, 8 s 3

M\Wdtwjﬁw\oﬂdpéubsmj S 2 Jlanzal axdly of

NP IE B WER PRy
KMO and Bartlett's Test
Kaiser-Meyer-Olkin Measure of .930
Sampling Adequacy.
Bartlett's Approx. Chi-Square 19334.492
Test of

Sphericity df 253
Sig. .000
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Brti-irnage Matrices

Question 01 Question 02 Question 03 Question 04 | Question 05

Anti-image Covanance  Question_01 2T =014 033 - 103 - 04
Question_02 NS 21z -.109- -.029- ik
Question_03 033 -.108- B0z 051 024
Question_04 -.103- -.029- 081 15 -.08g-
Question_0F - 104 003 o4 - 0E8- 09
Question_Df oz - 026 - D26- -.004 -023-
Question_0O7 oz o 040 -.049- -.027-
Ouestion_0E -023- -.021- -.004 -0 -.016-
Question_D4 -0- - 153 -.097- 020 - .018-
Question_10 -.00g- -.mo- -011- o4 -.070-
Question_11 - 023- 023 034 -012- -1.887E5
Question_12 - nog- o 081 -.0932- -.037-
Question_1Z -.050- -.005- -.018- o013 filikc
Question_14 - 026- 016 D4z -.003- -017-
Question_15 057 027 005 -.029- 010
Question_16 - 153 -.00g- D46 -.021- -.059-
Question_17 -027- -01g- 019 -.020- -.011-
Question_18 -3 o1z oz 014 om
Question_149 .oog -023- -.083- -0z 013
Question_20 -0- 045 062 -.003- -.00g-
Question_21 004 08 040 -.050- -.029-
Question_22 oo -.100- - D0&- -023- 027
Question_13 - D45- -.0032- -.D&7- -.013- -.004
Anti-image Comelation  Question_01 om0 - 020- 053 - AG7- - 156-
Question_02 - 020- a5 - 157- -.0- 010
Ouestion_03 053 -.187- 051 034 037
Question_D4 - 167- -0 0ad 055 BRETS
Question_D& - 156- 010 037 134 a60
Question_0f 0z0 - 053 - D3 -.007- - 036-
Question_07 i) 016 072 - .DE7- -.0d4
Question_0g - 049- -.033- -.007- -.075- -.027-
Question_09 - 016- - 193 - 13- 030 -.020-
Question_10 -mz- -0z - D16- 006 -.093-
Question_11 - 0H- 038 Dfid -.022- 3. 260E-5
Question_12 -.no7- o 087 - 154 - D&8-
Question_13 -.0a5- -.003- -.031- 0x3 oo
Question_14 - 00- 023 il -.004 - D26
Question_15 0za 037 00g - DE2- 014
Question_16 - Jhid -011- 021 - 036 - 096

a. heasures of Sampling Adequacy i)
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Total Variance Explained

Co Initial Eigenvalues Extraction Sums of Squared Rotation Sums of Squared
mpo Loadings Loadings
nent Total % of Cumulative Total % of Cumulative Total % of Cumulative
Variance % Variance % Variance %
1 7.290 31.696 31.696 7.290 31.696 31.696 3.730 16.219 16.219
2 1.739 7.560 39.256 1.739 7.560 39.256 3.340 14.523 30.742
3 1.317 5.725 44.981 1.317 5.725 44.981 2.553 11.099 41.841
4 1.227 5.336 50.317 1.227 5.336 50.317 1.950 8.476 50.317
5 .988 4.295 54.612
6 .895 3.893 58.504
7 .806 3.502 62.007
8 .783 3.404 65.410
9 751 3.265 68.676
10 717 3.117 71.793
11 .684 2.972 74.765
12 .670 2911 77.676
13 .612 2.661 80.337
14 578 2.512 82.849
15 .549 2.388 85.236
16 .523 2.275 87.511
17 .508 2.210 89.721
18 456 1.982 91.704
19 424 1.843 93.546
20 408 1.773 95.319
21 .379 1.650 96.969
22 .364 1.583 98.552
23 .333 1.448 100.000

Extraction Method: Principal Component

Analysis.
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Communalities
Initial Extraction
Question 01 1.000 435
Question_02 1.000 414
Question_03 1.000 .530
Question 04 1.000 .469
Question 05 1.000 .343
Question_06 1.000 .654
Question_07 1.000 .545
Question_08 1.000 739
Question 09 1.000 484
Question 10 1.000 .335
Question 11 1.000 .690
Question 12 1.000 .513
Question 13 1.000 .536
Question_14 1.000 .488
Question_15 1.000 .378
Question 16 1.000 .487
Question 17 1.000 .683
Question 18 1.000 .597
Question 19 1.000 .343
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Question_20 1.000 484
Question 21 1.000 .550
Question_22 1.000 464
Question_23 1.000 412

Extraction Method: Principal Component Analysis.

O 13) &l ,Layl jady . Scree plot juswd) gmie iyl Cpatais A,
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Scree Plot

8=

Eigenvalue
1
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1 2 3 4 5 & 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23

Component Number
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Component Matrix®

Component
1 2 3 4
Question_18 701
Question_07 .685
Question_16 .679
Question_13 .673
Question_12 .669
Question_21 .658
Question_14 .656
Question_11 .652 -.400-
Question_17 .643
Question_04 .634
Question_03 -.629-
Question_15 593
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Question_01 .586

Question_05 .556

Question_08 549 401 -417-
Question_10 437

Question_20 436 -.404-
Question_19 -.427-

Question_09 .627

Question_02 548

Question_22 465

Question_06 562 571
Question_23 507

Extraction Method: Principal Component Analysis.
a. 4 components extracted.

varimax wﬁl@w\ Ly lay dalaall el Uay JUW) Q\Jjﬂ\ FEPVIIT

‘rotation

Rotated Component Matrix®

Component
1 2 3 4
Question_06 .800
Question_18 .684
Question_13 .647
Question_07 .638
Question_14 579
Question_10f .550
Question_15 459
Question_20} 677
Question_21 .661

—- Y-




Question_03 -.567-
Question_12 473 523
Question_04 516
Question_16 514
Question_01 496
Question_05 429
Question_08 833
Question_17 147
Question_11 747
Question_09] .648
Question_22 .645
Question_23 586
Question_02 543
Question_19] 428

Extraction Method: Principal Component Analysis.
Rotation Method: Varimax with Kaiser Normalization.

a. Rotation converged in 8 iterations.
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Ll B s
Structure Matrix

Factor

1 2 3 4
Question_21 .657 475
Question_16 .621 493 -.469-
Question_03 -.596- 486 -.409-
Question_12 .593 .564
Question_04 .586 472 -.458-
Question_01 .552 407 -.449-
Question_20 496
Question_05 492 422
Question_09 572
Question_02 486
Question_22 484
Question_19 425
Question_23
Question_06 746
Question_18 486 720 -.407-
Question_07 479 .676 -.415-
Question_13 414 .673 -.457-
Question_14 489 .613
Question_15 510 -.428-
Question_10 437
Question_08 -.798-
Question_11 478 -.783-
Question_17 404 476 -.750-

Extraction Method: Principal Axis Factoring.

Rotation Method: Oblimin with Kaiser Normalization.
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Pattern Matrix?

Factor

Question_21

.536

Question_20

470

Question_16

449

Question_04

441

Question_03

-.435-

Question_01

432

Question_12

412

Question_05

Question_09

.559

Question_22

465

Question_02

453

Question_23

Question_19

Question_06

.862

Question_18

.635

Question_07

.562

Question_13

.558

Question_14

AT73

Question_10

Question_15

Question_08

-.851-

Question_11

-.734-

Question_17

-.675-

Extraction Method: Principal Axis Factoring.
Rotation Method: Oblimin with Kaiser Normalization.
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Pattern Matrix®
Factor
1 2 3 4

Question_21 .536 -.039- .170 -.064-
Question_20 470 -.142- -.077- -.049-
Question_16 449 -.052- .165 -.179-
Question_04 441 .082 .184 -.186-
Question_03 -.435- .324 -.050- .096
Question_01 432 .095 107 -.225-
Question_12 412 -.039- .358 .008
Question_05 .357 .048 .198 -.125-
Question_09 -.090- .559 -.022- -.107-
Question_22 .070 .465 -112- .035
Question_02 -.184- 453 .043 -.047-
Question_23 .100 .345 .004 .073
Question_19 -.222- .336 -.075- .005
Question_06 -.216- -.008- .862 .026
Question_18 .180 -.011- .635 .009
Question_07 .188 -.019- .562 -.032-
Question_13 .082 -.043- .558 -117-
Question_14 .240 -.022- 473 -.031-
Question_10 .000 -.061- .386 -.061-
Question_15 114 -.125- .318 -.187-
Question_08 .006 .048 -.088- -.851-
Question_11 -.006- -.112- .057 -.734-
Question_17 .080 .021 .085 -.675-
Extraction Method: Principal Axis Factoring.

Rotation Method: Oblimin with Kaiser Normalization.
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4 -.429- .186 -.532- 1.000

Extraction Method: Principal Axis Factoring.
Rotation Method: Oblimin with Kaiser Normalization.
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lelolse e (SPSS) doj> Jlasiwl aie clax )l glall Gluiwl olad olewis ddgauan (Y€0) Jga>
(roni=g)varimax  guSlog,lall ag b Jlasiwl o930l 229 (SLiSiwVl Llolell Jl=idl Jlasiwl
226 S casicl il Al clow cdiaaxiolly dawgiolly deai o)l olewl &SIS le ddgannll oglail

anizs o il 9l Jolgel
> ySicsnl| Jolgoll ggsiall pud
Gad gl | e gl | e gl s g ObSiwVl o
ol gl glasyl ladaly i O Communalities
PREXWAN] 9
Question_06 .800 -.010- .097 -.072- 435
Question_18 .684 .327 127 -.080- 414
Question_13 .647 .234 .228 -.100- .530
Question_07 .638 .327 155 -.082- 469
Question_14 .579 .360 .136 -.074- .343
Question_10 .550 .001 .130 -.123- .654
Question_15 459 217 .292 -.188- .545
Question_20 -.038- .677 .067 -.141- .739
Question_21 .287 .661 .160 -.074- 484
Question_03 -.203- -.567- -.180- .368 .335
Question_12 A73 523 .095 -.084- .690
Question_04 .320 .516 .314 .039 .513
Question_16 .334 .514 .313 -.116- .536
Question_01 241 496 356 .061 488
Question_05 .319 429 .238 .015 .378
Question_08 131 .168 .833 .005 .487
Question_17 .271 222 747 -.042- .683
Question_11 .263 .206 747 -.143- .597
Question_09 -.094- -.204- .118 .648 .343
Question_22 -.190- .034 -.099- .645 484
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Question_23 -023- 172 -198- 586 550
Question_02 -.005- -338- 068 543 464
Question_19 -146- -372- -.029- 428 412
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Software Applications

e AMOS/AMOS DRAW (SPSS interface)

Developed by:James Arbuckle :
Distributed by SmallWaters Corporation

Internet; info@smallwaters.com

e CALIS

Developed by:SAS Institute Inc.
Distributed by SAS Institute Inc.
Internet: software@sas.com

WWWw.Sas.com

e EQS6
Developed by: Peter Bentle
Distributed by Multivariate Software, Inc.

Internet; sales@mvsoft.com

www.mvsoft.com

e LISRELS8-SIMPLIS ; LISREL8 & PRELIS, Interactive LISREL
Developed by: K. G. Jéreskog & D. Sérbom
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http://www.smallwaters.com/amos/
http://www.smallwaters.com/index.html
mailto:info@smallwaters.com
mailto:software@sas.com
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http://www.mvsoft.com/
http://www.mvsoft.com/
mailto:sales@mvsoft.com
http://www.mvsoft.com/
http://www.ssicentral.com/lisrel/mainlis.htm
http://www.ssicentral.com/lisrel/mainlis.htm

Distributed by Scientific Software International

Internet: info@ssicentral.com

www.ssicentral.com

¢ LISCOMP
Developed by: Bengt O Muthen
Distributed by Scientific Software International, Inc.

Internet; info@ssicentral.com

www.ssicentral.com

e Mx: Statistical Modeling

Developed by: Mickael C. Neale

Distributed by Mickael C. Neale (Ll 4 sl J) 3l Sa)
Internet: neale@psycho.psy.vcu.edu/mx/

WWW. views.vcu.edu/mx/

e Mplus
Developed by: Muthen, L. K. & Muthen, B. O.
Internet:  www. statmodel.com
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e SEPATH

Developed by: James H. Steiger
Distributed by Statsoft

Internet: info@statsoftinc.com

www.statsoftinc.com
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e lvpls (Jack McArdle, University of Virginia) (PLS for the PC)

e MIXOR/MIXREG/MIXGSUR (D. Hedeker & R. D. Gibbons,
University of Illinois at Chicago)

e RAMpath (Jack McArdle, University of Virginia)

e STREAMS (Multivariate Ware)

e CFA Over the Web (Sort Of) (Jeremy Miles & Mark Shevlin,
University of Derby)

e The TETRAD Project (Carnegie Mellon University)
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LISRETL 8.80
BY

Karl G. Jxreskog & Dag Sxrbom

This program is published exclusively by
Scientific Software International, Inc.
7383 N. Lincoln Avenue, Suite 100
Lincolnwood, IL 60712, U.S.A.

Phone: (800)247-6113, (847)675-0720, Fax: (847)675-2140
Copyright by Scientific Software International, Inc., 1981-
2006
Use of this program is subject to the terms specified in the
Universal Copyright Convention.

Website: www.ssicentral.com

The following lines were read from file C:\Program
Files\LISREL88\EX1l research center book.spl:

TITLE testing the factorial model comprising 2Factors
NEUROTICISM AND EXTRAVERSION

OBSERVED VARIABLES

N1 N2 N3 N4 EX1 EX2 EX3 EX4

CORRELATION MATRIX

1.000

0.767 1.000

0.731 0.709 1.000

0.778 0.738 0.762 1.000
-0.351 -0.302 -0.356 -0.318
-0.316 -0.280 -0.300 -0.267
-0.296 -0.289 -0.297 -0.296
-0.282 -0.254 -0.292 -0.245
STANDARD DEVIATIONS

5.7 5.6 6.4 5.7 6.0 6.2 5.7 5.6

SAMPLE SIZE=250

LATENT VARIABLES NEROTICI EXTRAVER

RELATIONSHIPS lor one can write EQUATIONS or PATH

.000

.675 1.000

.634 0.651 1.000

.534 0.593 0.566 1.000
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N1

=1* NEROTICI

N2= NEROTICI
N3= NEROTICI
N4= NEROTICI
N2= NEROTICI
EX1=1* EXTRAVER
EX2= EXTRAVER
EX3= EXTRAVER
EX4= EXTRAVER
LISREL OUTPUT RS MI SC ND=4
PATH DIAGRAM
END OF PROBLEM

testing the factorial model comprising 2Factors NEUROTICISM
AND EXTRAVERSION

36.

25.

21.

17.

Covariance Matrix

N1
EX2

N1 32.4900

N2 24.4826 31.

N3 26.6669 25.

N4 25.2772 23.

EX1 -12.0042 -10.
0000

EX2 -11.1674 -9.
1100 38.4400

EX3 -9.6170 -9.
6828 23.0063

EX4 -9.0014 =7.
9424 20.5890

Covariance Matrix

EX3
EX3 32.4900
EX4 18.0667 31.

N2
3600
4106 40.
5570 27.
1472 -13.
7216 -11.
2249 -10.
9654 -10.
EX4
3600

- Y14 -

9600
7978
6704
9040

8346

4653

32.
-10.

4900
8756

.4358

.6170

.8204



testing the factorial model comprising 2Factors NEUROTICISM

AND EXTRAVERSION

Parameter Specifications

LAMBDA-X
NEROTICI
N1 0
N2 1
N3 2
N4 3
EX1 0
EX2 0
EX3 0
EX4 0

PHI

NEROTICI
NEROTICI 7
EXTRAVER 8

THETA-DELTA

N1

14 15

THETA-DELTA

EXTRAVER

o U O O O O O

EXTRAVER
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testing the factorial model comprising 2Factors NEUROTICISM
AND EXTRAVERSION

Number of Iterations = 4
LISREL Estimates (Maximum Likelihood)
LAMBDA-X

NEROTICI EXTRAVER

N1 1.0000 - -
N2 0.9421 - -
(0.0525)
17.9452
N3 1.0706 - -
(0.0603)
17.7554
N4 0.9968 - -
(0.0517)
19.2737
EX1 - - 1.0000
EX2 - - 1.0745
(0.0790)
13.6089
EX3 - - 0.9353
(0.0725)
12.9011
EX4 - - 0.8137
(0.0725)
11.2246
PHI

NEROTICI EXTRAVER

NEROTICI 25.4367
(2.9175)
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8.7186
-10.5542
(1.9313)
-5.4647

EXTRAVER

THETA-DELTA

23.1466
(3.2068)
7.2179

8.7816

(1.0050)

8.7376

16.0359
(1.6760)
9.5678

11.8074

(1.3361)

8.8374

7.2168

(0.9217)

7.8299

Squared Multiple Correlations for X - Variables

N1
EX1 EX2
7.0533
12.8534 11.7182
(0.9123)
(1.5900) (1.6118)
7.7309
8.0837 7.2702
THETA-DELTA
EX3
12.2411
(1.4670)
8.3441
N1
EX1 EX2
0.7829
0.6430 0.6952

N2

0.7200

N3

0.7117

N4

Squared Multiple Correlations for X - Variables

0.6232

0.4887
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Goodness of Fit Statistics

Degrees of Freedom = 19
Minimum Fit Function Chi-Square = 13.2318 (P = 0.8265)
Normal Theory Weighted Least Squares Chi-Square = 12.6610 (P

= 0.8555)
Estimated Non-centrality Parameter (NCP) = 0.0
90 Percent Confidence Interval for NCP = (0.0 ; 4.5222)

Minimum Fit Function Value = 0.05314

Population Discrepancy Function Value (F0) = 0.0
90 Percent Confidence Interval for FO = (0.0 ; 0.01816)
Root Mean Square Error of Approximation (RMSEA) = 0.0
90 Percent Confidence Interval for RMSEA = (0.0 ; 0.03092)
P-Value for Test of Close Fit (RMSEA < 0.05) = 0.9924
Expected Cross-Validation Index (ECVI) = 0.2129
90 Percent Confidence Interval for ECVI = (0.2129 ; 0.2310)

ECVI for Saturated Model = 0.2892
ECVI for Independence Model = 7.0768

Chi-Square for Independence Model with 28 Degrees of Freedom
= 1746.1242
Independence AIC = 1762.1242
Model AIC = 46.6610
Saturated AIC = 72.0000
Independence CAIC = 1798.2959
Model CAIC = 123.5259
Saturated CAIC = 234.7726

Normed Fit Index (NFI) = 0.9924
Non-Normed Fit Index (NNFI) = 1.0049
Parsimony Normed Fit Index (PNFI) = 0.6734
Comparative Fit Index (CFI) = 1.0000
Incremental Fit Index (IFI) = 1.0033
Relative Fit Index (RFI) = 0.9888
Critical N (CN) = 682.0501
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Root Mean Square Residual

Standardized RMR
Goodness of Fit Index

Adjusted Goodness of Fit Index (AGFI)
Parsimony Goodness of Fit Index (PGFI)

(RMR) = 0.6947
= 0.01944
(GFI) = 0.9874
= 0.9762
= 0.5212

testing the factorial model comprising 2Factors NEUROTICISM
AND EXTRAVERSION

36.

24,

21.

18.

Fitted Covariance

N1
EX2
N1 32.4900
N2 23.9650 31.
N3 27.2314 25.
N4 25.3548 23.
EX1 -10.5542 -9.
0000
EX2 -11.3400 -10.
8700 38.4400

EX3 -9.8715 -9.

6493 23.2613

EX4 -8.5876 -8.

8335 20.2358

Fitted Covariance

EX3
EX3 32.4900
EX4 17.6153 31.

Matrix

N2

3600
6558
8878
9436
6839
3003

0907

Matrix

40.
27.

-11

-12.

-10.

- YVv¢ -

9600

1437

.2988

1401

5680

.1934

32.
-10.

-11.

4900
5202

3035

.8397

.5599



Fitted Residuals

N1 N2 N3 N4

EX1 EX2

N1 0.0000

N2 0.5177 0.0000

N3 -0.5645 -0.2452 0.0000

N4 -0.0776 -0.3309 0.6541 0.0000

EX1 -1.4500 -0.2036 -2.3716 -0.3554
0.0000

EX2 0.1726 0.9623 0.2361 1.8678
0.2400 0.0000

EX3 0.2545 0.0755 -0.2666 0.2227
0.0335 -0.2550

EX4 -0.4139 0.1253 -1.2718 0.7395 -
0.8911 0.3531

Fitted Residuals

EX3 EX4
EX3 0.0000
EX4 0.4515 0.0000

Summary Statistics for Fitted Residuals

Smallest Fitted Residual = -2.3716
Median Fitted Residual = 0.0000
Largest Fitted Residual = 1.8678

Stemleaf Plot

- 2|4

- 1]

- 1143

- 0196

- 0144333221000000000
0111222234
015577
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110

Standardized Residuals

N2

.5570

.1170

.1624

. 7896

.0620

.0923

Standardized Residuals

119
N1
EX1 EX2
N1 - -
N2 1.7927
N3 -1.6542
N4 -0.3476
EX1 -1.2191
EX2 0.1515
0.6530 - -
EX3 0.2194
0.0754 -0.6788
EX4 -0.3126
1.4052 0.6405
EX3
EX3 - -
EX4 0.7080

1.8689
-1.6409

0.1678

-0.1901

-0.8157

Summary Statistics for Standardized Residuals

Smallest Standardized Residual
Median Standardized Residual
Largest Standardized Residual

Stemleaf Plot

- 1176

- 11421

- 01876

- 013332200000000

- ¥V -

-1.6542
0.0000
1.8689

-0.2970

1.6279

0.1909

0.5566



011112222
0166778
1]

11689

testing the factorial model comprising 2Factors NEUROTICISM
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Qplot of Standardized Residuals
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S35

-3.5

3.5

Standardized Residuals

testing the factorial model comprising 2Factors NEUROTICISM
AND EXTRAVERSION

Modification Indices and Expected Change

N1
N2
N3
N4
EX1
EX2
EX3
EX4

N1
N2
N3
N4
EX1
EX2
EX3
EX4

N1

Modification Indices for LAMBDA-X

NEROTICI

.3228
L1167
.0143
.0125

O O -

EXTRAVER

Expected Change for LAMBDA-X

NEROTICI

-0.0731
0.0679
0.0073

-0.0072

Standardized

NEROTICI

EXTRAVER

Expected Change for LAMBDA-X

EXTRAVER
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N2 - - 0.0979

N3 - - -0.2837
N4 - - 0.2559
EX1 -0.3686 - -
EX2 0.3425 - -
EX3 0.0368 - -
EX4 -0.0366 - -

Completely Standardized Expected Change for LAMBDA-X

NEROTICI EXTRAVER

N1 - - -0.0226
N2 - - 0.0175
N3 - - -0.0443
N4 - - 0.0449
EX1 -0.0614 - -
EX2 0.0552 - -
EX3 0.0065 - -
EX4 -0.0065 - -

No Non-Zero Modification Indices for PHI

Modification Indices for THETA-DELTA

N1 N2 N3 N4
EX1 EX2

N1 - -

N2 3.2137 - -

N3 2.7363 0.3102 - -

N4 0.1208 1.2477 3.4929 - -

EX1 0.2541 0.6555 1.0965 0.0000 -

EX2 0.4976 0.0043 0.1069 1.2708
.4264 - -

EX3 0.9158 0.2208 0.2526 0.8349
.0057 0.4608

EX4 0.0162 0.0021 0.5849 0.4783
.9747 0.4102
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Modification Indices for THETA-DELTA

EX3 - -
EX4 0.5013 - -

N1 N2 N3

EX1 EX2

N1 - -

N2 1.5443 - -

N3 -1.6213 -0.5268 - -

N4 -0.3182 -0.9597 1.8275

EX1 -0.4061 0.6914 -1.0320

EX2 -0.5657 -0.0559 0.3207
1.0749 - -

EX3 0.7433 -0.3869 0.4776
0.1072 -1.0413

EX4 -0.1072 0.0409 -0.7884
1.8343 0.8767

Expected Change for THETA-DELTA

EX3 - -
EX4 0.8753 - -

DELTA

EX1 EX2

- YA« -

.0050

.9095

.7140

.5861



N1
N2
N3
N4
EX1

EX2
0.0289

EX3
0.0031

EX4
0.0546

DELTA

EX3
EX4

Maximum Modification Index is

THETA-DEL

.0484
.0444
.0098
.0119

.0160

.0229

-0.0295

-0.

0034

0.0252

.0147

.0301

.0206

.0016

.0121

.0013

.0501
.0269

.0081

.0131

.0220

Completely Standardized Expected Change

TA

.0001

.0257

.0220

.0184 -

for THETA-

3.49 for Element ( 4, 3)

of

testing the factorial model comprising 2Factors NEUROTICISM

AND EXTRAVERSION

Standardized Solution

N1
N2
N3
N4
EX1
EX2
EX3
EX4

LAMBDA-X

NEROTICI

EXTRAVER

w O

.8111
.1693
.4999
.9146

- YAY -



PHI

NEROTICI
NEROTICI 1.0000
EXTRAVER -0.4350

EXTRAVER

1.0000

testing the factorial model comprising 2Factors NEUROTICISM

AND EXTRAVERSION

Completely Standardized Solution

LAMBDA-X
NEROTICI
N1 0.8848
N2 0.8485
N3 0.8436
N4 0.8820

EX1 - -

EX2 - -

EX3 - -

EX4 - -

PHI

NEROTICI
NEROTICI 1.0000
EXTRAVER -0.4350

THETA-DELTA

N1
EX1 EX2

0.2171

0.3570 0.3048

EXTRAVER

.8018
.8338
.7895
.6990

O O O O

EXTRAVER

- YAY -

0.2883

0.2221



THETA-DELTA

0.3768 0.5113

— FAY -
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LISREL 8.80 (STUDENT EDITION)
BY

Karl G. Jxreskog & Dag Sxrbom

This program is published exclusively by
Scientific Software International, Inc.
7383 N. Lincoln Avenue, Suite 100
Lincolnwood, IL 60712, U.S.A.

Phone: (800)247-6113, (847)675-0720, Fax: (847)675-2140
Copyright by Scientific Software International, Inc., 1981-
2006
Use of this program is subject to the terms specified in the
Universal Copyright Convention.

Website: www.ssicentral.com

The following lines were read from file C:\Documents and
Settings\user\Desktop\3f brown drinking lisrel.spl:

TITLE THREE FACTOR MODEL FOR SMOKING MOTIVES
DA NI=12 NO=500 MA=CM

LA

X1 X2 X3 X4 X5 X6 X7 X8 X9 X10 X11 X12

KM

1.000

0.300 1.000

0.229 0.261 1.000

0.411 0.406 0.429 1.000

0.172 0.252 0.218 0.481 1.000

0.214 0.268 0.267 0.579 0.484 1.000

0.200 0.214 0.241 0.543 0.426 0.492 1.000

0.185 0.230 0.185 0.545 0.463 0.548 0.522 1.000

0.134 0.146 0.108 0.186 0.122 0.131 0.108 0.151 1.000
0.134 0.099 0.061 0.223 0.133 0.188 0.105 0.170 0.448 1.000

— YAT -



0.160 0.131 0.158 0.161 0.044 0.124 0.066 0.061 0.370 0.350
1.000

0.087 0.088 0.101 0.198 0.077 0.177 0.128 0.112 0.356 0.359
0.507 1.000

SD

2.06 1.52 1.92 1.41 1.73 1.77 2.49 2.27 2.68 1.75 2.57 2.66
MO NX=12 NK=3 PH=SY,FR LX=FU,FR TD=SY,FR

LK

Coping Social Enhance

PA 1LX

'no double loading item

O O O O O O o o+ F+HPFr o
O O O O P PH P OO oo Oo
P PP O OO0OOOOoO o O O

VA 1.0 LX(1,1) LX(5,2) LX(9,3)
PA TD

O O O O O O O o o o o
O O O O O O o o o o
O O O O O O o o o =
O O O O O O o o

O O O O O O o

O O O O O O+

O O O O O =

o O O O

o O O B

o O =

o

Y

'no correlated residual
PA PH

11

111
PD

- YAY -



OU ME=ML RS MI SC AD=OFF IT=100 ND=4

THREE FACTOR MODEL FOR SMOKING MOTIVES

Number
Number
Number
Number
Number
Number

of
of
of
of
of
of

Input Variables 12
Y - Variables 0
X - Variables 12
ETA - Variables O
KSI - Variables 3
Observations 500

THREE FACTOR MODEL FOR SMOKING MOTIVES

2.9929

1.4821
X7

1.8351
X8

1.8182
X9

0.5656
X10

0.4027
X11

0.1956
X12

0.3543

Covariance Matrix

0.

X1

.2436
.9394
.9057
.1938
.6130

O B O O

0.7803

.1329

1.0259

.1684

0.8651

.2018

0.7398

.6214

0.4831

.5823

0.8471

.5641

0.4767
8334

O O O N

Covariance Matrix

.3104

L7617

.8701

.6627

L7210

.8099

. 7936

.5947

.2633

.5117

.3558

= YAA -

.6864

.1614

L7241

.9074

.1522

.8063

.5557

.2050

L7796

.5158

1.9881
1.1733

1.4450

1.9064

1.7444

0.7029

0.5503

0.5834

0.7426



X7

X11 X12

X7 6.2001

X8 2.9505

X9 0.7207

X10 0.4575

X11 0.4224
6.6049

X12 0.8478
3.4660 7.0756

.1529
.9186
.6753
.3559

O O O u

0.6763

THREE FACTOR MODEL FOR SMOKING

Parameter Specifications

LAMBDA-X

X1 0
X2 1
X3 2
X4 3
X5 0
X6 0
X7 0
X8 0
X9 0
X10 0
X11 0
X12 0

PHI

Coping 10

O O O O Oy Ul v O O O O O

Social

7.1824
2.1011
2.5484

2.5379

MOTIVES

© 00 J O O O O O O o o O

Enhance

— YA -

3.0625
1.5741

1.6711



E

X5

20

X11

26

Social
nhance

11
13

THETA-DELTA

X1

21

THETA-DELTA

X7

12
14

15

THREE FACTOR MODEL FOR SMOKING MOTIVES

Number of Iterations

LISREL Estimates

X1
X2

X3

X4

LAMBDA-X

0.7449
(0.1022)
7.2873
0.9744
(0.1309)
7.4415
1.5116

12

Social

— Y4 -

(Maximum Likelihood)

Enhance



X5
X6

X7

X8

X9
X10

X11

X12

PHI

Coping

Social

Enhance

(0.1633)
9.2589

Coping
0.7906
(0.1649)
4.7959
0.7780
(0.1112)
6.9966
0.4618
(0.0996)
4.6356

THETA-DELTA

X1

X5 X6

1.0000
1.2082
(0.0925)
13.0626
1.5682
(0.1270)
12.3492
1.5100
(0.1176)
12.8385

Social

1.2001
(0.1644)
7.2998
0.4730
(0.1136)
4.1635

X2

1.0000
0.6480
(0.0692)
9.3664
1.0525
(0.1067)
9.8631
1.0967
(0.1109)
9.8894

Enhance

2.6029
(0.4167)
6.2466

X3 X4

- Y4y -



3.4530 1.8717
1.7928 1.3810
(0.2249) (0.1220)
(0.1300) (0.1156)
15.3540 15.3403
13.7939 11.9463

THETA-DELTA

X7 X8
X11 X12

2.9358

(0.1921)

15.2851

3.2487 2.4165
3.7215 3.9450
(0.2487) (0.1954)
(0.3318) (0.3552)
13.0604 12.3675
11.2162 11.1052

Squared Multiple Correlations for X - Variables

X1 X2

4.5795

(0.3674)

12.4647

X3

0.1863 0.1899
0.4010 0.5592

Squared Multiple Correlations for X - Variables

X7 X8

0.2036

X9

0.4760 0.5310
0.4365 0.4425

- YAY -

0.3624

0.1816

(0.0922)

1.9692

1.9696

(0.1570)

12.5466

X4

X10



Goodness of Fit Statistics

Degrees of Freedom = 51
Minimum Fit Function Chi-Square = 86.6054 (P = 0.001371)
Normal Theory Weighted Least Squares Chi-Square = 92.3059 (P

= 0.0003541)
Estimated Non-centrality Parameter (NCP) = 41.3059
90 Percent Confidence Interval for NCP = (18.2557 ; 72.1910)
Minimum Fit Function Value = 0.1736
Population Discrepancy Function Value (FO0) = 0.08278
90 Percent Confidence Interval for FO = (0.03658 ; 0.1447)
Root Mean Square Error of Approximation (RMSEA) = 0.04029
90 Percent Confidence Interval for RMSEA = (0.02678 ;
0.05326)
P-Value for Test of Close Fit (RMSEA < 0.05) = 0.8863
Expected Cross-Validation Index (ECVI) = 0.2932
90 Percent Confidence Interval for ECVI = (0.2470 ; 0.3551)

ECVI for Saturated Model = 0.3126
ECVI for Independence Model = 5.5235

Chi-Square for Independence Model with 66 Degrees of Freedom
= 2732.2510
Independence AIC = 2756.2510
Model AIC = 146.3059
Saturated AIC = 156.0000
Independence CAIC = 2818.8263
Model CAIC = 287.1004
Saturated CAIC = 562.7394

Normed Fit Index (NFI) = 0.9683
Non-Normed Fit Index (NNFI) = 0.9827
Parsimony Normed Fit Index (PNFI) = 0.7482
Comparative Fit Index (CFI) = 0.9866
Incremental Fit Index (IFI) = 0.9867
Relative Fit Index (RFI) = 0.9590
Critical N (CN) = 446.9084

- YAy -



Root Mean Square Residual (RMR) =
Standardized RMR = 0.03694
Goodness of Fit Index (GFI) = 0.
Adjusted Goodness of Fit Index (AGFI)
Parsimony Goodness of Fit Index (PGFI)

THREE FACTOR MODEL FOR SMOKING MOTIVES

Fitted Covariance

X1

X5 X6

X1 4.2436

X2 0.5889 2

X3 0.7704 0

X4 1.1951 0

X5 0.7780 0
2.9929

X6 0.9400 0.
1.4500 3.1329

X7 1.2201 0.
1.8821 2.2739

X8 1.1748 0.
1.8122 2.1895

X9 0.4618 0.
0.4730 0.5715

X10 0.2993 0
0.3065 0.3703

X11 0.4861 0.
0.4979 0.6015

X12 0.5065 0.
0.5188 0.6268

Fitted Covariance

X7
X11 X12

Matrix

X2 X3
.3104
.5738 3.6864
.8902 1.1645
.5796 0.7581
7002 0.9159
9089 1.1888
8751 1.1447
3440 0.4500
L2229 0.2916
3621 0.4736
3773 0.4935
Matrix

X8 X9

- YA€ -

0.1687

9701

= 0.9543
= 0.6343

1.9881
1.1761

1.4209

1.8443

1.7758

0.6981

0.4524

0.7348

0.7656

X10



X7 6.2001

X8 2.8419 5

X9 0.7418 0

X10 0.4807 0

X11 0.7808 0
6.6049

X12 0.8136 0.
3.0044 7.0756

Fitted Residuals

X1
X5 X6
X1 0.0000
X2 0.3504 0.
X3 0.1354 0.
X4 -0.0013 -0.
X5 -0.1651 0.
0.0000
X6 -0.1597 0.
0.0320 0.0000
X7 -0.1942 -0.
0.0470 -0.1055
X8 -0.3097 -0.
0.0060 0.0123
X9 0.2779 0
0.0926 0.0499
X10 0.1838 0.
0.0961 0.2120
X11 0.3610 0.
0.3022 -0.0375
X12 -0.0298 -0.
0.1644 0.2066

Fitted Residuals

.1529
.7143
.4628
.7518

7834

.1824
.6866
.7395

.8546

0000
1879
0201
0831
0208
0989

0815

.2507

0404

1496

0215

— Yq0 -

.0000

.0031

.0340

.0086

.0366

.3384

.1057

.0866

.3060

.0223

3.
1.

1.

0625
7752

8497

.0000
.0027

.0241

.0621

.0315

.0047

.0979

.1513

.0230



X7

X11 X12

X7 0.0000

X8 0.1086

X9 -0.0211

X10 -0.0231

X11 -0.3584
0.0000

X12 0.0342
0.4615 0.0000

0.0000
0.2043
0.2125
-0.3959

-0.1071

0.0000
0.4145
-0.1911

-0.3167

Summary Statistics for Fitted Residuals

Smallest Fitted Residual =

Median Fitted Residual =
Largest Fitted Residual =

Stemleaf Plot

- 410

- 3164210

- 210

- 119987665110

-0.3959
0.0000
0.4615

- 01985443332222210000000000000000

01112223345689
1100114589
21011158

31156

4116

Standardized Residuals

X1
X5 X6
X1 - -
X2 3.2060
X3 0.9919

X2

1.8710

- yan -

0.0000
-0.2010

-0.1785



X4
X5

0.6073
X7

0.5398
X8

0.0841
X9

0.5292
X10

0.8391
X11

1.8698
X12

0.9859

X11

X10
X11

X12
5.1859

.1247
.3804

.4664

.1887

-1.5884

-2.

1676

0.2292

1.

2238

0.3010

1.

2379

1.9508

1.

6840

-0.2504

-0.

1344

1.3402

X7

-2.6014
0.9445

0.2597

-0.8230

-0.7760

1.4981

0.3694

0.9476

-0.1317

Standardized Residuals

X8

-0.3269
-0.3090

-0.0858
-0.2444
-2.5849
0.5026
-0.6299
1.5433

0.1089

4.4504
-1.7036

-2.7714

Summary Statistics for Standardized Residuals

Smallest
Median
Largest

Stemleaf

Standardized Residual =

Standardized Residual =
Standardized Residual =

Plot

- YAV -

-2.7714
0.0000
5.1859

-0.0685
0.8196
1.2334

-0.7758
0.0429
1.3434

-1.6055

-0.2382

-2.7049

-2.3581



- 218766420

- 11976665420

- 018886553332211111110000000000000
01111233455688999
11022223355579

210

312

415

512
Largest Negative Standardized Residuals
Residual for X4 and X2 -2.6014
Residual for X8 and X3 -2.5849
Residual for X11 and X10 -2.7049
Residual for X12 and X9 =2.7714
Largest Positive Standardized Residuals
Residual for X2 and X1 3.2060
Residual for X10 and X9 4.4504
Residual for X12 and X11 5.1859

THREE FACTOR MODEL FOR DRINKING MOTIVES
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Qplot of Standardized Residuals

D e
X
X
X .
X
. . XX
N . . XX
o . . XXX
r. . X
m LFXX
a . . *X
| . X.*X
. X*X
Q X*X
u . **
a . **
n . X.*X
t . X XX
i XX *,
| . XXX
e . x*
S X X
X X
X
X
X
X
23D e s
-3.5 35

Standardized Residuals

THREE FACTOR MODEL FOR DRINKING MOTIVES
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Modification Indices and Expected Change

Modification Indices for LAMBDA-X

Coping Social Enhance
X1 - - 6.9127 1.9502
X2 - - 0.0520 0.8609
X3 - - 2.0544 0.3790
X4 - - 18.8784 3.0954
X5 0.0299 - - 0.59406
X6 0.4826 - - 2.4903
X7 0.7781 - - 0.5376
X8 1.9583 - - 0.0929
X9 0.1009 0.3376 - -
X10 2.0121 2.8778 - -
X11 1.8663 4.3487 - -
X12 0.0397 0.0011 - -

Expected Change for LAMBDA-X

Coping Social Enhance
X1 - - -0.5203 0.0926
X2 - - -0.0333 0.0453
X3 - - -0.2668 0.0377
X4 - - 1.3001 -0.1039
X5 -0.0299 - - -0.0390
X6 0.1267 - - 0.0776
X7 0.2201 - - -0.0519
X8 -0.3234 - - -0.0193
X9 0.0441 0.0669 - -
X10 0.1287 0.1277 - -
X11 -0.1814 -0.2292 - -
X12 -0.0274 0.0037 - -

Standardized Expected Change for LAMBDA-X

Coping Social Enhance

—i~~—



X1 - - -0.5700 0.1493

X2 - - -0.0365 0.0731
X3 - - -0.2923 0.0608
X4 - - 1.4242 -0.1677
X5 -0.0266 - - -0.0629
X6 0.1127 - - 0.1252
X7 0.1957 - - -0.0837
X8 -0.2876 - - -0.0312
X9 0.0392 0.0733 - -
X10 0.1144 0.1399 - -
X11 -0.1613 -0.2511 - -
X12 -0.0244 0.0041 - -

Completely Standardized Expected Change for LAMBDA-X

Coping Social Enhance
X1 - - -0.2767 0.0725
X2 - - -0.0240 0.0481
X3 - - -0.1522 0.0317
X4 - - 1.0101 -0.1189
X5 -0.0153 - - -0.0363
X6 0.0637 - - 0.0707
X7 0.0786 - - -0.0336
X8 -0.1267 - - -0.0137
X9 0.0146 0.0273 - -
X10 0.0654 0.0799 - -
X11 -0.0628 -0.0977 - -
X12 -0.0092 0.0015 - -

No Non-Zero Modification Indices for PHI

Modification Indices for THETA-DELTA

X1 X2 X3 X4
X5 X6
X1 - -
X2 10.2784 - -
X3 0.9838 3.5008 - -

— &) -



Modification Indices for THETA-DELTA

X4
X5
X6
0.3688 -
X7
0.2914 2.
X8
0.0071 0.
X9
0.8206 1.
X10
0.3384 0.
X11
1.1235 0
X12
1.1412 1.
X11 X1
X7
X8
X9
X10
X11
X12
26.8935
X5 X6
X1
X2

0.0156
0.4509

0.4835
0.2889
5231
1.5320
0525
0.4674
0539
0.0668
5972
4.0221

.2476

1.5010
6639

X7

o R O R
o
—
-
o

X1

6.7664
1.4463

0.1020

1.1418

0.3652

1.8736

0.4330

1.5955

0.7245

X8

=

.6182
.3086
.1395

NN =

0.5896

X2

— &Y -

0.1070
0.0243

0.2106

0.0092

5.2701

0.0305

3.5380

5.9547

0.0548

X9

19.8062
2.9022

7.6807

for THETA-DELTA

X3

0.0630

0.0514

2.1094

0.2080

0.8856

1.0605

2.6320

0.1688



0.2052

-0.2294

0.1061

0.0264

-0.1302

-0.0651

0.1965

-0.0618

0.1690

-0.1176

-0.0372
0.0172

0.0477

0.0146

-0.3103

0.0314

-0.2215

0.4093

-0.0406

Expected Change for THETA-DELTA

X3 0.1476
X4 -0.0148
X5 -0.0805
X6 -0.0780
0.0571 - -
X7 -0.0889
0.0724 -0.2150
X8 -0.1809
0.0102 0.0286
X9 0.1333
0.1335 -0.1408
X10 0.0330
0.0561 0.0693
X11 0.3644
0.1458 0.0637
X12 -0.2299
0.1517 0.1707
X7
X11 X12
X7 -
X8 0.2068
X9 -0.0363
X10 -0.1636
X11 -0.0970
X12 0.1560
1.7145 - -
DELTA
X1
X5 X6

X8

X9

— .Y -

-0.0159 -

0.0146

0.1308 -

0.0374

-0.0914

0.0654

-0.1489 -

0.0390 -

-0.5346 -

-0.4850



X1 - -

X2 0.1213 - -
X3 0.0373 0.0703 - -
X4 -0.0051 -0.1070 -0.0137 - -
X5 -0.0226 0.0404 0.0052 -0.0065 -
X6 -0.0214 0.0098 0.0140 0.0058
0.0187 - -
X7 -0.0173 -0.0344 0.0031 0.0373 -
0.0168 -0.0488
X8 -0.0387 -0.0189 -0.0712 0.0117
0.0026 0.0071
X9 0.0241 0.0482 0.0061 -0.0242
0.0288 -0.0297
X10 0.0091 -0.0232 -0.0659 0.0265
0.0185 0.0224
X11 0.0688 0.0433 0.0829 -0.0411 -
0.0328 0.0140
X12 -0.0420 -0.0291 -0.0079 0.0104 -
0.0330 0.0363
Completely Standardized Expected Change for THETA-
DELTA
X7 X8 X9 X10
X11 X12
X7 - -
X8 0.0366 - -
X9 -0.0054 0.0374 - -
X10 -0.0375 0.0337 0.1842 - -
X11 -0.0152 -0.0419 -0.0753 -0.1189 -
X12 0.0236 -0.0219 -0.1232 -0.1042
0.2508 - -

Maximum Modification Index is 26.89 for Element (12,11) of
THETA-DELTA

THREE FACTOR MODEL FOR DRINKING MOTIVES
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Standardized Solution

LAMBDA-X
Coping Social Enhance
X1 0.8892 - - - -
X2 0.6623 - - - -
X3 0.8664 - - - -
X4 1.3441 - - - -
X5 - - 1.0955 - -
X6 - - 1.3236 - -
X7 - - 1.7180 - -
X8 - - 1.6542 - -
X9 - - - - 1.6133
X10 - - - - 1.0454
X11 - - - - 1.6980
X12 - - - - 1.7694
PHT
Coping Social Enhance
Coping 1.0000
Social 0.7987 1.0000
Enhance 0.3219 0.2676 1.0000

THREE FACTOR MODEL FOR DRINKING MOTIVES

Completely Standardized Solution

LAMBDA-X
Coping Social Enhance
X1 0.4316 - - - -
X2 0.4358 - - - -
X3 0.4512 - - - -
X4 0.9532 - - - -
X5 - - 0.6332 - -

— ¢.0 =



Coping

X6
X7
X8
X9
X10
X11
X12

Social

Enhance

X5

0.5990

X11

0.5635

PHI

THETA-DELTA

X1

THETA-DELTA

X7

Time used:

— &7 -

O O O O
(€]
Nej
~J
s

1.0000

0.7964 0.0914

0.6376 0.6431

0.047 Seconds
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EQS,

SOFTWARE,

COPYRIGHT BY P.M. BENTLER

PROGRAM CONTROL INFORMATION

1

2

O J oUW

11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
1.000
36
37
38
39
40
41
42

A STRUCTURAL EQUATION PROGRAM

/TITLE Testing two-factor model of neuroticism and
extraversion using EQS

/SPECIFICATIO
CASES=250;
VARIABLES=8;
METHODS=ML;
MATRIX=COR;
ANALYSIS=COV;
/LABELS
V1=N1l; V2=N2;
Fl=neurotic;

NS

V3=N

3;

V4=N4;
F2=extrav;

/EQUATIONS
vVl = Fl1 + E1;
V2 = *Fl1 + E2;
V3 = *Fl + E3;
V4 = *F1 + E4;
V5 = F2 + E5;
V6 = *F2 + E6;
V7l = *F2 + E7;
V8 = *F2 + ES8;
/VARIANCES
F1 TO F2 = * ;
E1l TO E8 = *
/COVARIANCES
F1 TO F2 = * ;
/MATRIX
1.000
0.767 1.000
0.731 0.709 1.000
0.778 0.738 0.762 1.
-0.351 -0.302 -0.356 -0.
-0.316 -0.280 -0.300 -O.
-0.296 -0.289 -0.297 -0.
-0.282 -0.254 -0.292 -0.
/STANDARDS DEVIATIONS

5.7 5.6 6.4 5.7 6.06.25.75.6

/PRINT

FIT ALL
/WTEST
/LMTST
44  /END

— &V -

MULTIVARIATE
INC.
VERSION 6.1 (C) 1985 - 2008 (B94)
V5=EX1; V6=EX2; V7=EX3; V8=EX4;
000
318 1.000
267 0.675 1.000
296 0.634 0.651 1.000
245 0.534 0.593 0.566



COVARIANCE MATRIX TO BE ANALYZED:
8 VARIABLES)

FROM

N1
N2
N3
N4
EX1
EX2
EX3
EX4

V1
v2
V3
V4
V5
V6
V7
V8

EX2
EX3
EX4

BASED ON 250 CASES.
N1 N2 N3
V1 V2 V3
32.490
24.483 31.360
26.667 25.411 40.960
25.2717 23.557 27.798
-12.004 -10.147 -13.670
-11.167 -9.722 -11.904
-9.617 -9.225 -10.835
-9.001 -7.965 -10.465
EX2 EX3
Vo6 i
V6 38.440
V7 23.006 32.490
V8 20.589 18.067
REPRESENTATION:

BENTLER-WEEKS STRUCTURAL

NUMBER OF DEPENDENT VARIABLES =

DEPENDENT V'S

1

2

NUMBER OF INDEPENDENT VARIABLES =

INDEPENDENT F'S
INDEPENDENT E'S

1
1

NUMBER OF FREE PARAMETERS =

NUMBER OF FIXED NONZERO PARAMETERS

- &\ -

17

8 VARIABLES

(SELECTED
N4 EX1
V4 V5
32.490
-10.876 36.000
-9.436 25.110
-9.617 21.683
-7.820 17.942
EX4
v8
31.360
4 6
3 4 6
10



*** WARNING MESSAGES ABOVE,

*** WARNING MESSAGES ABOVE,

IF ANY, REFER TO THE MODEL PROVIDED.
CALCULATIONS FOR INDEPENDENCE MODEL NOW BEGIN.

IF ANY, REFER TO INDEPENDENCE MODEL.
CALCULATIONS FOR USER'S MODEL NOW BEGIN.

3RD STAGE OF COMPUTATION REQUIRED
PROGRAM ALLOCATED 200000000 WORDS

DETERMINANT OF INPUT MATRIX IS

PARAMETER ESTIMATES APPEAR IN ORDER,

5706 WORDS OF MEMORY.

.12688D+11

NO SPECIAL PROBLEMS WERE ENCOUNTERED DURING OPTIMIZATION.

RESIDUAL COVARIANCE MATRIX

N1
N2
N3
N4
EX1
EX2
EX3
EX4

EX2
EX3
EX4

V1
V2
V3
v4
V5
A
V7
V8

A
V7
V8

N1

V1

.000
.518
.565
.078
.450
172
.254
.414

EX2
V6

.000

-.255
.353

(S-SIGMA)
N2 N3
v2 V3
.000
-.245 .000
-.331 .654
-.204 -2.372
.962 .236
.075 -.267
.125 -1.272
EX3 EX4
v7 v8
.000
.451 .000
.4334

AVERAGE ABSOLUTE RESIDUAL =
AVERAGE OFF-DIAGONAL ABSOLUTE RESIDUAL =

STANDARDIZED RESIDUAL MATRIX:

N1
N2
N3
N4
EX1
EX2
EX3
EX4

V1
V2
v3
V4
V5
V6
V7
v8

N1

V1
.000
.016
-.015
-.002
-.042
.005
.008
-.013

N2
V2

.000
-.007
-.010
-.006

.028

.002

.004

— &Y

N3
V3

.000
.018
-.062
.006
-.007
-.035

N4
v4

.000
-.355
1.868

.223

.739

N4
v4

.000
-.010
.053
.007
.023

EX1
V5

.000
.240
.033
-.891

.5572

EX1
V5

.000
.006
.001
-.027



EX2 EX3 EX4

Ve V7 V8
EX2 V6 .000
EX3 V7 -.007 .000
EX4 v8 .010 .014 .000
AVERAGE ABSOLUTE STANDARDIZED RESIDUAL = .0124
AVERAGE OFF-DIAGONAL ABSOLUTE STANDARDIZED RESIDUAL = .0160

MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

LARGEST STANDARDIZED RESIDUALS:

NO. PARAMETER ESTIMATE NO. PARAMETER ESTIMATE
1 v5, V3 -.062 11 v8, V7 .014
2 ve, V4 .053 12 v8, V1 -.013
3 v5, V1 -.042 13 v5, V4 -.010
4 v8, V3 -.035 14 v4, V2 -.010
5 v6, V2 028 15 V8, V6 .010
6 v8, V5 -.027 16 v7, V1 008
7 V8, V4 .023 17 vi7, V3 -.007
8 v4, V3 .018 18 v7, V6 -.007
9 vz, V1 .016 19 vi7, V4 .007

10 v3, V1 -.015 20 v3, V2 -.007

MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

GOODNESS OF FIT SUMMARY FOR METHOD = ML

INDEPENDENCE MODEL CHI-SQUARE = 1248.776 ON 28
DEGREES OF FREEDOM

INDEPENDENCE AIC = 1192.776 INDEPENDENCE CAIC = 1066.175
MODEL AIC = -24.768 MODEL CAIC = -110.676

CHI-SQUARE = 13.232 BASED ON 19 DEGREES OF FREEDOM

PROBABILITY VALUE FOR THE CHI-SQUARE STATISTIC IS .82649

THE NORMAL THEORY RLS CHI-SQUARE FOR THIS ML SOLUTION IS 12.661.

FIT INDICES

- \Y -



BENTLER-BONETT NORMED FIT INDEX = .989
BENTLER-BONETT NON-NORMED FIT INDEX = 1.007
COMPARATIVE FIT INDEX (CFI) = 1.000
RELIABILITY COEFFICIENTS

CRONBACH'S ALPHA = .523
RELIABILITY COEFFICIENT RHO = .828

STANDARDIZED FACTOR LOADINGS FOR THE FACTOR THAT GENERATES
MAXIMAL RELIABILITY FOR THE UNIT-WEIGHT COMPOSITE
BASED ON THE MODEL (RHO):
N1 N2 N3 N4 EX1 EX2
.525 .504 .501 .524 .374 .389
EX3 EX4
.368 .326

ITERATIVE SUMMARY

PARAMETER
ITERATION ABS CHANGE ALPHA FUNCTION
1 8.515234 1.00000 .56638
2 1.456642 1.00000 .05676
3 .259476 1.00000 .05318
4 .027800 1.00000 .05314
5 .003423 1.00000 .05314
6 .000426 1.00000 .05314

- &V¢ -



MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

MEASUREMENT EQUATIONS WITH STANDARD ERRORS AND TEST STATISTICS
STATISTICS SIGNIFICANT AT THE 5% LEVEL ARE MARKED WITH Q.

=4
y
Il
<
iy
Il

1.000 F1 + 1.000 E1

N2 =V2 .942*F1 + 1.000 E2
.053

17.945@

N3 =V3 = 1.071*F1 + 1.000 E3
.060
17.755@

N4 =V4

.997*F1 + 1.000 E4
.052
19.274@

EX1 =V5

Il
—

.000 F2 + 1.000 E5

EX2 =Vo

Il
o

.074*F2 + 1.000 E6
.079
13.609@

EX3 =V7

.935*F2 + 1.000 E7
.072
12.901@

EX4 =V8

.814*F2 + 1.000 ES8
.072
11.225@

— ¢\o -



MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

VARIANCES OF INDEPENDENT VARIABLES

STATISTICS SIGNIFICANT AT THE 5% LEVEL ARE MARKED WITH Q.

v F

-NEUROTIC 25.437*1
2.918 I
8.719@I

&l
iy

-EXTRAV 23.147*1I
3.207 I
7.218@TI

H o H o H H H
?‘rJ
N

MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

VARIANCES OF INDEPENDENT VARIABLES

STATISTICS SIGNIFICANT AT THE 5% LEVEL ARE MARKED WITH Q.

E D
El - NI 7.053*I I
.912 1 I
7.731QI I
E2 - N2 8.782*I I
1.005 I I
8.738@I I
E3 - N3 11.807*I I
1.336 I
8.837@I I
E4 - N4 7.217*I I
.922 1 I
7.830@QI I
E5 - EX1 12.853*I I
1.590 I
8.084@I I
E6 - EX2 11.718*I I
1.612 I I
7.270QI I
E7 - EX3 12.241*1 I
1.467 I I

- &V -



8.344Q@I I

E8 - EX4 16.036*I I
1.676 I I
9.568QI I

MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

COVARIANCES AMONG INDEPENDENT VARIABLES

STATISTICS SIGNIFICANT AT THE 5% LEVEL ARE MARKED WITH Q.

Y F
I F2 -EXTRAV -10.554*1
I F1 -NEUROTIC 1.931 1
I -5.4650@1I
I I
MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)
STANDARDIZED SOLUTION: R-SQUARED
N1 =Vl = .885 F1 + .466 E1 . 783
N2 =V2 = .849*F1 + .529 E2 . 720
N3 =V3 = .844*F1 + .537 E3 712
N4 =v4 = .882*F1 + .471 E4 . 778
EX1 =V5 = .802 F2 + .598 Eb . 643
EX2 =Ve = .834*F2 + .552 E6 . 695
EX3 =V7 = .789*F2 + .614 E7 . 623
EX4 =V8 = .699*F2 + .715 E8 .489
MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)
CORRELATIONS AMONG INDEPENDENT VARIABLES
v F
I F2 -EXTRAV -.435*1I
I F1 -NEUROTIC I
I I

— &V -



MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

WALD TEST (FOR DROPPING PARAMETERS)
MULTIVARIATE WALD TEST BY SIMULTANEOUS PROCESS

CUMULATIVE MULTIVARIATE STATISTICS UNIVARIATE
INCREMENT
STEP PARAMETER CHI-SQUARE D.F. PROBABILITY CHI-SQUARE
PROBABILITY

* ok kok ok ok kkkkxok

NONE OF THE FREE PARAMETERS IS DROPPED IN THIS PROCESS.

MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

LAGRANGE MULTIPLIER TEST (FOR ADDING PARAMETERS)

ORDERED UNIVARIATE TEST STATISTICS:

HANCOCK
STANDAR- CHI- 19 DF
PARAMETER DIZED
NO CODE PARAMETER SQUARE PROB. PROB. CHANGE
CHANGE
1 2 12 V5,F1 1.323 .250 1.000 -.073 -.002
2 2 12 V6, F1l 1.117 .291 1.000 .068 .002
3 2 12 V4,F2 1.062 .303 1.000 .053 .002
4 2 12 V3,F2 .900 .343 1.000 -.059 -.002
5 2 12 V1,F2 L2772 .602 1.000 -.027 -.001
6 2 12 vV2,F2 .142 .706 1.000 .020 .001
7 2 12 v7,F1 .014 .905 1.000 .007 .000
8 2 12 v8,Fl .012 .911 1.000 -.007 .000
9 2 0 V5,F2 .000 1.000 1.000 .000 .000
10 2 0 V1,F1l .000 1.000 1.000 .000 .000

*****x NONE OF THE UNIVARIATE LAGRANGE MULTIPLIERS IS SIGNIFICANT,
**x*xx THE MULTIVARIATE TEST PROCEDURE WILL NOT BE EXECUTED.
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EQS,

A STRUCTURAL EQUATION PROGRAM MULTIVARIATE SOFTWARE, INC.

COPYRIGHT BY P.M. BENTLER VERSION 6.1 (C) 1985 - 2008 (B94)

PROGRAM CONTROL INFORMATION

O J o U W N

[CVIOV IOV I \C I \C I AC R \C T \C I\ O R O T AC S B S R e T T e e e e el
N P O W o Joy U WNEFE O WOow-Jo Ul b whNhEFE O v

33
34
35
36
37
38
39
40
41
42
43
44
1.000
45

/TITLE Testing three-factor model of smoking motives using EQS

/SPECIFICATIONS

CASES=500;

VARIABLES=12;

METHODS=ML;

MATRIX=COR;

ANALYSIS=COV;

/LABELS

V1=X1; V2=X2; V3=X3; V4=X4; V5=X5; V6=X6; V7=XT7; V8=X8;
V8=X9; V8=X10; V8=X1ll; V8=X12; F1=COPING; F2=SOCIAL;

F1=ENHANC;
/EQUATIONS

vVl = Fl + E1;
V2 = *Fl + E2;
V3 = *Fl1 + E3;
V4 = *F1 + E4;
V5 = F2 + E5;
V6 = *F2 + E6;
V7l = *F2 + E7;
V8 = *F2 + E8;
V9 = F3 + E9;
V10 = *F3 + E10;
V1l = *F3 + El11;
V12 = *F3 + E12;
/VARIANCES

F1 TO F3 = * ;
El TO E12 = * ;

/COVARIANCES
F1 TO F3 = * ;
/MATRIX
1.000
0.300 1.000
0.229 0.261 1.000
0.411 0.406 0.429 1.000
0.172 0.252 0.218 0.481 1.000
0.214 0.268 0.267 0.579 0.484 1.000
0.200 0.214 0.241 0.543 0.426 0.492 1.000
0.185 0.230 0.185 0.545 0.463 0.548 0.522 1.000
0.134 0.146 0.108 0.186 0.122 0.131 0.108 0.151 1.000
0.134 0.099 0.061 0.223 0.133 0.188 0.105 0.170 0.448 1.000
0.160 0.131 0.158 0.161 0.044 0.124 0.066 0.061 0.370 0.350 1.000
0.087 0.088 0.101 0.198 0.077 0.177 0.128 0.112 0.356 0.359 0.507

- £YY -



46 /STANDARDS DEVIATIONS
47 2.06 1.52 1.92 1.41 1.73 1.77 2.49 2.27 2.68 1.75 2.57 2.66
48 /PRINT
49 FIT ALL
50 /WTEST
51 /LMTST
53 /END
COVARIANCE MATRIX TO BE ANALYZED: 12 VARIABLES (SELECTED FROM 12
VARIABLES)
BASED ON 500 CASES.
X1 X2 X3 X4 X5
V1 V2 V3 V4 V5
X1 \al 4.244
X2 V2 .939 2.310
X3 V3 .906 .762 3.686
X4 V4 1.194 .870 1.161 1.988
X5 V5 .613 .663 .724 1.173 2.993
X6 V6 .780 .721 .907 1.445 1.482
X7 v7 1.026 .810 1.152 1.906 1.835
X12 v8 .865 .794 .806 1.744 1.818
V9 V9 . 740 .595 .556 .703 .566
V10 V10 .483 .263 .205 .550 .403
Vil Vil .847 .512 .780 .583 .196
V12 V12 L477 .356 .516 .743 .354
X6 X7 X12 V9 V10
V6 v7 V8 V9 V10
X6 Vo6 3.133
X7 v7 2.168 6.200
X12 V8 2.202 2.951 5.153
V9 V9 .621 .721 .919 7.182
V10 V10 .582 .458 .675 2.101 3.063
V1l V1l .564 .422 .356 2.548 1.574
V12 V12 .833 .848 .676 2.538 1.671
V1l V12
vil V12
Vil Vil 6.605
V12 V12 3.466 7.076
BENTLER-WEEKS STRUCTURAL REPRESENTATION:
NUMBER OF DEPENDENT VARIABLES = 12
DEPENDENT V'S 1 2 3 4 6 8 9

10

11

12

NUMBER OF INDEPENDENT VARIABLES = 15

- £YY -



10

INDEPENDENT F'S

INDEPENDENT E'S 1 2
INDEPENDENT E'S : 11 12
NUMBER OF FREE PARAMETERS = 27

NUMBER OF FIXED NONZERO PARAMETERS

3RD STAGE OF COMPUTATION REQUIRED

PROGRAM ALLOCATED 200000000 WORDS

DETERMINANT OF INPUT MATRIX IS

15

.79355D+06

PARAMETER ESTIMATES APPEAR IN ORDER,
NO SPECIAL PROBLEMS WERE ENCOUNTERED DURING OPTIMIZATION.

RESIDUAL COVARIANCE MATRIX

X1
X2
X3
X4
X5
X6
X7
X12
V9
V10
V11
V12

X6
X7
X12
V9
V10
V1l
V12

V1l
V12

V1
V2
V3
v4
V5
A
V7
V8
V9
V10
V11
V12

V6
V7
v8
V9
V10
V1l
V12

V1l
V12

(S-SIGMA)
X1 X2
V1 v2
.000
.350 .000
.135 .188
-.001 -.020
-.165 .083
-.160 .021
-.194 -.099
-.310 -.082
.278 .251
.184 .040
.361 .150
-.030 -.021
X6 X7
V6 v7
.000
-.106 .000
.012 .109
.050 -.021
.212 -.023
-.037 -.358
.207 .034
V1l V12
V1l V12
.000
.463 .000
.11le6l

AVERAGE ABSOLUTE RESIDUAL =
AVERAGE OFF-DIAGONAL ABSOLUTE RESIDUAL =

AR

13614 WORDS OF MEMORY.

X3 X4
V3 v4
.000
-.003 000
-.034 -.003
-.009 .024
-.037 .062
-.338 -.031
.106 .005
-.087 .098
.306 -.151
.022 -.023
X12 V9
v8 V9
.000
.204 .000
.212 .414
-.396 -.191
-.107 -.317
L1372

X5
V5

.000
.032
-.047
.006
.092
.096
-.302
-.164

V10
V10

.000
.201
.179



STANDARDIZED RESIDUAL MATRIX:

X1
X2
X3
X4
X5
X6
X7
X12
V9
V10
V1l
V12

X6
X7
X12
V9
V10
V1l
V12

V1l
V12

V1
V2
V3
v4
V5
V6
V7
V8
V9
V10
V1l
V12

V6
V7
v8
V9
V10
V1l
V12

V1l
V12

X1
V1

.000
.112
.034
.000

-.046
-.044

-.066
.050
.051
.068

-.005

X6
V6

.000
.024
.003
.010

.068
-.008
.044

V11
V11
.000
.068

X2
V2

.000

.064

-.009
.032
.008

-.024
.062
.015
.038

-.005

X7
V7

.000

.019

-.003
-.005
-.056
.005

N
N

.000

X3
V3

.000

-.001
-.010
.003
.008
.078
.021
-.026
.062
.004

X12
V8

.000

.034
.053
-.068
-.018

X4
V4

.000

-.001
.010
.018

-.010
.001
.040

-.042

-.006

V9

V9

.088
-.028
-.044

AVERAGE ABSOLUTE STANDARDIZED RESIDUAL =

AVERAGE OFF-DIAGONAL ABSOLUTE STANDARDIZED RESIDUAL =

MAXIMUM LIKELIHOOD SOLUTION

LARGEST STANDARDIZED RESIDUALS:

NO.

o b W N

PARAMETER

V10,
V8,

V10,
V11,
V11,

V1
V9
v3
A
V1
V5

ESTIMATE

NO.

11
12
13
14
15
16

- ¢Yo

PARAMETER

(NORMAL DISTRIBUTION THEORY)

ESTIMATE

X5
V5

.000
.010
-.011
.002
.020
.032
-.068
-.036

V10
V10

.000
-.045
-.038

.0262
.0310



7 v1i, V8 -.068 17 v5, V1 -.046

8 v1iz, Vi1l .068 18 v1ili, V10 -.045
9 vg, V1 -.066 19 v1z, v9 -.044
10 v3, V2 .064 20 V12, Ve .044

DISTRIBUTION OF STANDARDIZED RESIDUALS

! !
! !
! !
! ! RANGE FREQ
PERCENT
45- -
! * ! 1 -0.5 - -- 0
00%
! * ! 2 -0.4 - -0.5 0
00%
! * oo ! 3 -0.3 - -0.4 0
00%
! *oox ! 4 -0.2 - -0.3 0
00%
0- *ox - 5 -0.1 - -0.2 0
00%
! * oo ! 6 0.0 - -0.1 36
46.15%
! * ok ! 7 0.1 - 0.0 41
52.56%
! *oox ! 8 0.2 - 0.1 1
1.28%
! * oo ! 9 0.3 - 0.2 0
00%
5- * ook - A 0.4 - 0.3 0
00%
! *x ! B 0.5 - 0.4 0
00%
! *oF ! C ++ - 0.5 0
00%
| * * e
! * oo ! TOTAL 78
100.00%
1 2 3 4 5 6 7 8 9 A B C EACH "*" REPRESENTS 3
RESIDUALS

- &Y -



MAXIMUM LIKELIHOOD

SOLUTION (NORMAL DISTRIBUTION THEORY)

GOODNESS OF FIT SUMMARY FOR METHOD = ML

INDEPENDENCE MODEL CHI-SQUARE

FREEDOM

INDEPENDENCE AIC =
MODEL AIC =

CHI-SQUARE =

THE NORMAL THEORY RLS CHI-SQUARE FOR THIS ML SOLUTION IS

FIT INDICES

BENTLER-BONETT

1528.698
-15.395

86.605 BASED ON
PROBABILITY VALUE FOR THE CHI-SQUARE STATISTIC IS

NORMED FIT INDEX =
BENTLER-BONETT NON-NORMED FIT INDEX

COMPARATIVE FIT INDEX (CFI)

RELIABILITY COEFFICIENTS

CRONBACH'S ALPHA

RELIABILITY COEFFICIENT RHO

INDEPENDENCE CAIC =
MODEL CAIC =

1660.698 ON 66 DEGREES OF

51 DEGREES

.948
.971
.978

LT

830

1184.533
-281.340

OF FREEDOM

.00137

92.306.

STANDARDIZED FACTOR LOADINGS FOR THE FACTOR THAT GENERATES

MAXIMAL RELIABILITY FOR THE UNIT-WEIGHT COMPOSITE

BASED ON THE MODEL
X1 X2
.361 .364
X7 X12
.580 .613
ITERATION
1
2
3
4
5
6
7
8
9

(RHO) :

X3
.377

V9
.431

X4 X5
.796 .533

V10 V1l
.428 .473

ITERATIVE SUMMARY

PARAMETER
ABS CHANGE
.828896
.431153
.252833
.058037
.021192
.008525
.002374
.001008
.000382

ALPHA
.50000
.50000
.00000
.00000
.00000
.00000
.00000
.00000
.00000

I = T = T T =

- £YV -

.629

L4777

FUNCTION
.81649
. 44249
.24259
.17859
17372
.17357
.17356
.17356
.17356



MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

MEASUREMENT EQUATIONS WITH STANDARD ERRORS AND TEST STATISTICS
STATISTICS SIGNIFICANT AT THE 5% LEVEL ARE MARKED WITH @.

X1 =Vl = 1.000 F1 + 1.000 E1

X2 =v2 = .745*F1 + 1.000 E2
.102
7.287@

X3 =V3 = .974*F1 + 1.000 E3
.131
7.442@Q

X4 =v4 = 1.511*F1 + 1.000 E4
.163
9.259@

X5 =V5 = 1.000 F2 + 1.000 E5

X6 =V6 = 1.208*F2 + 1.000 E6
.092
13.063@

X7 =v7 = 1.568*F2 + 1.000 E7
.127
12.349@

X12 =v8 = 1.510*F2 + 1.000 E8
.118
12.839@

V9 =vV9 = 1.000 F3 + 1.000 E9

v10 =V10

.648*F3 + 1.000 E10
.069
9.369@

vil =vl1l

Il
=

.052*F3 + 1.000 E11
.107
9.863@

vz =vl12 = 1.096*F3 + 1.000 E12

111
9.890@

- ¢YA -



MAXIMUM LIKELIHOOD SOLUTION

(NORMAL DISTRIBUTION THEORY)

VARIANCES OF INDEPENDENT VARIABLES

STATISTICS SIGNIFICANT AT THE 5%

MAXIMUM LIKELIHOOD SOLUTION

HoHHHH H H HHHH -

LEVEL ARE MARKED WITH Q.

v F

Fl -ENHANC

F2 -SOCIAL

F3 - F3

(NORMAL DISTRIBUTION THEORY)

VARIANCES OF INDEPENDENT VARIABLES

STATISTICS SIGNIFICANT AT THE 5%

El

E2

E3

E4

ES

E6

E7

.453*T
.225 1
15.

354Q1

.872*1
122 1
15.

340@I

.936*1I
.192 1
15.

285QI

.182*1
.092 I
.970@I

.793*1
.130 I
13.

794Q1

.381*1I
116 I
11.

946Q@I

.249*T
.249 I
13.

061RI

LEVEL ARE MARKED WITH @.

- £YAQ -

L.791*1
.165 I
.796RI

.200*I
.164 I
.300@I

.604*T
L4177 I
.248RI

H o H O H H

HoHH HHHHHH HHHH HH H H H H H



E8 - Xl12

E9 - V9
E10 - V10
E11l - V1l
El12 - V12

MAXIMUM LIKELIHOOD SOLUTION

12

11

.416*1T
.195 I
.367RI

.578*1
.367 1
12.

462QI

.969*T
157 1
12.

544QI

L723*1
.332 1
.219@I

.946*1
.355 I
11.

108@I

(NORMAL DISTRIBUTION THEORY)

COVARIANCES AMONG INDEPENDENT VARIABLES

STATISTICS SIGNIFICANT AT THE 5%

HHHHHHHHH H H H

LEVEL ARE MARKED WITH Q.

F2 -SOCIAL
F1 -ENHANC

F3 - F3
F1 -ENHANC

F3 - F3
F2 -SOCIAL

— v -

HoH H H H H H HH H HH HHHH HH A

L778*1
111 1
6.997QI

.462*T
.100 I
4.636QI

L4T73*%T
.114 I
4.164QI



MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

STANDARDIZED SOLUTION: R-SQUARED
X1l =Vl = .432 F1 + .902 E1 .186
X2 =V2 = .436*F1 + .900 E2 .190
X3 =V3 = .451*F1 + .892 E3 .204
X4 =v4 = .953*F1 + .302 E4 .909
X5 =V5 = .633 F2 + .774 E5 .401
X6 =V6 = .748*F2 + .664 E6 .559
X7 =V7 = .690*F2 + .724 E7 .476
X12 =v8 = .729*F2 + .685 E8 .531
v9 =v9 = .602 F3 + .798 E9 .363
V10 =V10 = .598*F3 + .802 E10 .357
V1l =V11l = .661*F3 + .751 E11 .436
V12 =V12 = .665*F3 + .747 E12 .442

MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

CORRELATIONS AMONG INDEPENDENT VARIABLES

\Y% F

I F2 -SOCIAL .799*1
I F1 -ENHANC I
I I
IF3 - F3 .322*1T
I F1 -ENHANC I
I I
IF3 - F3 .268*1
I F2 -SOCIAL I
I I

MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

WALD TEST (FOR DROPPING PARAMETERS)

MULTIVARIATE WALD TEST BY SIMULTANEOUS PROCESS

CUMULATIVE MULTIVARIATE STATISTICS UNIVARIATE INCREMENT

STEP PARAMETER CHI-SQUARE D.F. PROBABILITY CHI-SQUARE PROBABILITY



NONE OF THE FREE PARAMETERS IS DROPPED IN THIS PROCESS.

MAXIMUM LIKELIHOOD SOLUTION (NORMAL DISTRIBUTION THEORY)

LAGRANGE MULTIPLIER TEST (FOR ADDING PARAMETERS)

ORDERED UNIVARIATE TEST STATISTICS:

HANCOCK
STANDAR-

CHI- 51 DF PARAMETER

DIZED
NO CODE PARAMETER SQUARE PROB. PROB. CHANGE

CHANGE
1 2 12 v4,F2 18.878 .000 1.000 1.300 842
2 2 12 V1,F2 6.913 .009 1.000 -.520 -.231
3 2 12 V11, F2 4.347 .037 1.000 -.229 -.081
4 2 12 V4, F3 3.095 079 1.000 -.104 -.046
5 2 12 V10, F2 2.876 090 1.000 128 067
6 2 12 V6, F3 2.489 .115 1.000 078 027
702 12 V3, F2 2.054 .152 1.000 -.267 -.127
8 2 12 V10,F1 2.010 .156 1.000 129 083
9 2 12 V8, F1l 1.959 .162 1.000 -.323 -.160
10 2 12 V1,F3 1.950 163 1.000 093 028
11 2 12 V11,F1 1.865 172 1.000 -.181 -.079
12 2 12 V2, F3 861 353 1.000 045 018
13 2 12 v7,F1 778 378 1.000 220 099
14 2 12 V5, F3 594 441 1.000 -.039 -.014
15 2 12 v7,F3 538 463 1.000 -.052 -.013
16 2 12 V6, F1l 483 487 1.000 127 081
17 2 12 V3,F3 378 538 1.000 038 012
18 2 12 V9, F2 337 562 1.000 067 023
19 2 12 V9, F1l 100 751 1.000 044 018
20 2 12 V8, F3 093 761 1.000 -.019 -.005
21 2 12 V2, F2 052 820 1.000 -.033 -.020
22 2 12 v12,F1 040 842 1.000 -.027 -.012
23 2 12 V5, F1 030 863 1.000 -.030 -.019
24 2 12 V12, F2 .001 974 1.000 004 001
25 2 0 V9, F3 .000 1.000 1.000 000 000
26 2 0 V5, F2 .000 1.000 1.000 000 000
27 2 0 V1, F1 .000 1.000 1.000 000 000

MULTIVARIATE LAGRANGE MULTIPLIER TEST BY SIMULTANEOUS PROCESS IN STAGE 1
PARAMETER SETS (SUBMATRICES) ACTIVE AT THIS STAGE ARE:

PVV PFV PFF PDD GVV GVF GFV GFF BVF BFF

- £YY -



CUMULATIVE MULTIVARIATE STATISTICS UNIVARIATE INCREMENT

HANCOCK'S
SEQUENTIAL
STEP ~ PARAMETER  CHI-SQUARE D.F. PROB.  CHI-SQUARE PROB. D.F.  PROB.
1 V4, F2 18.878 1 .000 18.878 .000 51 1.000
2 V11l,F2 23.225 2 .000 4.347 .037 50 1.000

—EYY -



